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ABSTRACT OF THE DISSERTATION

The Long-Term Costs of Caring:
How Caring for an Aging Parent Impacts Wealth Tetjees of Caregivers

by
Jennifer Crane Greenfield
Doctor of Philosophy in Social Work
Washington University in St. Louis, 2013

Professor Nancy Morrow-Howell, Chair

Long-term care in the U.S. is a growing concerow@saging population exerts pressure
on formal and informal care systems. Public expenels on formal care are increasing rapidly,
even as reliance on informal caregivers expandsegolicy innovations are shifting Medicaid
and Medicare funding toward home- and communityetaervices (HCBS) as an alternative to
nursing home care. This may help reduce overall t&f@ costs to states and the federal
government, but it also shifts more responsibilityamilies and informal care networks. Not
only can caregiving have negative impacts on thesighl and mental health of caregivers, but it
also can be expensive, both in terms of directscastl in terms of lost wages and work
opportunities. However, to date, these financiasesguences are not fully understood.

This project uses longitudinal, nationally reprdatiie data from six waves of the Health
and Retirement Study (1998-2008) to evaluate wheidweng for aging parents impacts
caregivers’ assets over time. Latent trajectoryymmawas used to identify groups for whom
caregiving had a negative impact on wealth trajgeso A four-group model fit best and revealed
one group, with 4.3% of respondents, for whom aaheg had a significant, negative

relationship. Further, race, education, and caergi\nealth were significantly related to these

X



trajectories. Gender and marital status were Hata@. Lastly, among caregivers, care duration
did not significantly impact asset trajectoriesg @are intensity had mixed effects.

Findings indicate that caring for an aging pareat & significant, negative impact for
some adults over age 50, but only for a small grémportantly, those who are negatively
impacted are more likely to be in already vulnezajploups. As reliance on informal caregiving
increases, special attention should be paid teethasegivers who may be particularly vulnerable
to the financial impacts of caregiving; better asseents and more economic supports are

needed to offset the potential exacerbating impafotairegiving.



Introduction

Termed “The Forgotten Catastrophe” by U. S. Remtadwe Henry Waxman in 1990,
long-term care (LTC) financing remains a pressiaglth policy issue in the United States today
— and yet, although the crisis has long been awiiied, it has been poorly prepared for. Twenty-
three years ago, thé.S. Bipartisan Commission on Comprehensive Heaidtte (a
Congressional task force also known as the “Pe@permission”) concluded that the nation was
in urgent need of long-term care reform and thiatrne was in reach. Senator Rockefeller, chair
of the Commission, wrote that reform faced a “clegld” for passage in Congress because such
a program would be popular with the American elet®most of whom, he said, “see
themselves at risk of impoverishment if they oirtifeemily members need long-term care”
(Rockefeller, 1990)His rosy prediction of clear and easy passage pravée too optimistic,
however, and 23 years later, significant reformyetdo be implemented.

Nonetheless, the crisis remains a popular topibdbin health policy experts and the
mainstream media, and the fear of impoverishmananes pervasive and very real for many
families. Recent headlines, such as, “Live Long Bay for It: America’s Real Long-Term Cost
Crisis” (Galston, 2012) and, “The Crisis in LongreCare” (NYT, 2011), underline this fear. In
fact, the U.S. has experienced a confluence obfadeading to unsustainable growth in long-
term care costs. Changing demographics of the ptipnl particularly with the aging of the
Baby Boomer generation, have led to historicaltgéanumbers of people reaching age 65. As
health care treatments have improved, longevityitnagased so that those who reach age 65
can now expect to live nearly 20 more years (COI0,2. At the same time, 44% of older adults
live with multiple chronic conditions, and the riskchronic illness increases dramatically with

age (Freudenberg & Olden, 2011). A few chroniceiflses in particular, such as Alzheimer’s



disease, are associated with very high treatmests decause of the length of time care is
needed and the intensity of that care, and unfatély, the incidence of these diseases is
increasing. There is nearly a 50% chance that sopewill develop Alzheimer’s disease or a
related dementia by the time he or she is 85 (HeBeherr, Bienias, Bennett, & Evans, 2003),
and as the population ages, growing numbers oflpep at risk for this emotionally and
financially challenging disease. Meanwhile, rishrggplth care costs — driven in part by
innovations in technology and pharmaceuticals -etwaused the per-person cost of these
services to rise much more quickly than inflati@ombined, these factors create a situation in
which both public programs and individual budgetsstrained to the breaking point. Families
already experience impoverishment with increaspegd as healthcare costs rise — a fact
demonstrated by the growing percentage of LTC sesvpaid for by Medicaid, which requires
complete impoverishment of the care recipient esralition of coverage (Komisar &
Thompson, 2007; Shirey & Komisar, 2003). Simultarsdy, this rise in dependence on
Medicaid is straining state budgets. Thus, althduB@ is most often discussed in health policy
terms, it is increasingly clear that our longewis become an economic liability.

Despite growing a growing sense of urgency abauidbue, solutions have been elusive.
Comprehensive policy innovation — of the scale deed in the Pepper Commission report — is
still needed, and yet recent attempts to develgpmm&w programs, such as the Community
Living Assistance Services and Supports (CLASS) Aate failed. Some incremental changes
have been implemented, mostly in the form of Medieaaivers and demonstration project
grants for payment system and care delivery refoHosvever, these innovations are aimed
largely at reducing federal and state burdens withddressing the costs to individual patients

and caregivers. Without comprehensive approachf#sancing long-term services and supports



(LTSS) for those with chronic care needs, the far@rhealth of families is at risk, and this risk
is growing. A large body of work has documented #wnomic security is associated with
better health, mental health, increased civic padtion, and other measures of wellbeing (see
Braveman, Egerter, Williams, 2011, for a reviewvtlo$ literature). Currently, however, most
public LTC payment streams do not protect assatsjrafact, they often require individuals to
spend down assets almost entirely in order to fufd services.

The research hypotheses that are the focus odligssrtation grew from a larger set of
guestions about the impacts of our current LTC caye system on the financial health of
families: if individuals must become impoverishadrder to qualify for Medicaid — and if
many individuals who receive LTSS eventually dolifyidor Medicaid — are there indirect
economic effects for the families of care recipg@nfEurther, when individuals do not end up
requiring Medicaid coverage, but rely instead andare provided by family members, are there
economic effects for those who provide that care@ ik so, are the consequences significant
enough that the structure of our LTC system, wingdies primarily on informal care and means-
tested Medicaid financing, increases long-termrfaia vulnerability among families of care
recipients by decreasing those families' abilitgaoe for their own retirement and future LTC
needs?

In the following chapters, therefore, | describe sitope of the long-term care problem —
who receives care, who provides it, and what ttstscof this care are for society and families —
and review what is known about the economic impatisformal care. Then | present analysis
of three research questions that are motivatethidygésire to understand the economic impacts

of providing care for an aging family member. Thdings from this analysis, and the



implications for social work practice and for fugysolicy development, are discussed in the final
chapters.

To provide some context for this analysis and dismn, a few definitions will be

helpful:

1. What is long-term care (LTC)Phough seemingly straightforward, answering this
guestion is complicated. A conservative definitadr TC is assistance with
completion of “the basic tasks of everyday lifeglsas eating, bathing, dressing,
toileting, and transferring," (Weiner, Hanley, G&aand Van Nostrand, 1990; see also
Katz, Ford, Moskowitz, Jackson, & Jaffe, 1963). &ter definitions include
assistance with instrumental activities of dailyrig, which include other important
functions such as banking, cooking, and housekgdpiRiRQ, 2010; Lawton &
Brody, 1969). The choice of definition can havengigant implications for
individuals seeking care, since some insurances@ad public programs only
recognize the need for assistance with ADLs asadifgpation for receiving coverage
for this care; as a result, when individuals fihdtttheir ability to manage finances,
cook, and manage their medications is diminisheely may be forced to rely on
family members or friends for assistance, or to @atyof-pocket for the help they
need. Further, many plans only cover assistance witk#viduals need assistance
with at least two ADLs, and so individuals who néedp with just one are also left to
find care elsewhere.

2. What are long-term services and supports (LTEI)SS are the specific activities
and programs that comprise LTC; they include dioare tasks such as bathing,

grooming, and feeding, as well as personal assistamch as running errands,



providing transportation, and managing medicati€i$S can also include
assistance that provides more general support,asicbhordinating care for the care
recipient, scheduling appointments, and trainimggaers.

. What is caregivingFor the purposes of this dissertation, caregiveigrs to the
provision of care to someone requiring LTC. Careggunay be paid professionals
(i.e. social workers and nurses) or paraprofestsqisach as home care aides and
personal care assistants); they may also be fanmelybers or friends who have no
prior professional training as caregivers.

. What is formal careFormal care is the type of care provided by ptasls and
paraprofessionals, and it is generally paid fdireugh insurance plans, public
programs, or by the care recipient and his or &emilfy. Formal care may be provided
in a number of settings, including nursing homéso(&nown as skilled nursing
facilities or SNFs), assisted living facilities, thie individual's home.

. What is informal care For the purposes of this dissertation, infornaaéds the term
that will be used to describe any type of care ithabt provided by a paid
professional or paraprofessional. In some discassid caregiving, the terms "unpaid
care" or "family care" are used. These can be autshg), however, because in some
areas, nonprofessional caregivers may be compehbaiteigh programs such as
"Cash and Counseling" (which is described in Chaptee); although the
compensation is rarely equivalent to that recelwetbrmal care providers, using a
term such as unpaid care may inadvertently exdluelénformal caregivers who
benefit from these types of programs. Likewisengshe term "family caregiving"

may exclude the care provided by friends and naghlwho are sometimes the sole



source of care for those in need of assistandackysome retirement communities
are designed with this kind of neighboring in mindnd it may be that, in
communities where financial resources and accefsnwal care services are scarce,
the assistance provided by friends and neighbongak and that it is
underrepresented in surveys that limit definitiohsaregiving to the care provided
by family members. A final note about informal ca¢hat it is not mutually
exclusive with formal care; that is, when a cagient is receiving formal care
services in the home or in a nursing home, sheanéy also benefit from informal
care. As a result, the number of hours of careiveddby an individual may add up to

more than 24 hours a day.



Chapter 1: Scope of the LTC Problem
Who receives care?

Numbers. Given how varied the definitions of LTC are, hiosild come as no surprise
that estimates of how many Americans require LT(y @3 well. The Centers for Medicare and
Medicaid Services (CMS) have estimated that nelslynillion adults over age 18 receive LTC,;
of these, nine million are adults aged 65 and apatéh is approximately 20% of the U.S.
older adult population (CMS, 2012a). An additioGahillion adults below age 65 also receive
care. These estimates are somewhat higher thama teosved by Kaye, Harrington, and LaPlante
(2010), who analyzed data from three nationallyesentative surveys to identify the number of
people who need LTC. In their study, estimateo$é needing LTC ranged from 10 to 12
million Americans, with roughly half of these betpng to the 65 and older population. Both of
these estimates use the more restrictive “ADL-ongfinition of LTC, however, and it is
reasonable to assume that some people receivevitelpADLs only, and are therefore not
included in this count. Though the numbers varyesahat, it is likely that roughly 4-5% of the
American population requires some form of LTC cothe(KFF, 2012). Further, while LTC is
often thought of as an “older adult problem,” LTfeats millions of people at earlier stages of
the life course.

Demographics.LTC is an issue that reaches across socio-econstmaia and other
subdivisions within the U.S. population. At the satime, certain differences are important to
note. A vast majority of LTC recipients live in tbemmunity: of the 10-15 million LTC
recipients, only 1.4 to 1.8 million live in an irtational setting (such as a nursing home), while
the rest live either alone or with family. Among#$e residing in nursing homes, more than 80%

are above age 65, and the average age is 82 (Kayengton, & LaPlante, 2010). Meanwhile,



community-dwelling LTC recipients tend to be youngmly 45% are over the age of 65, and
the average age is near 60. Women are more likddg £ TC recipients — most likely because
women have longer life expectancy than men — aeg dhe much more likely to live in nursing
homes; in fact, almost two-thirds of nursing horesidents are female.

Among the LTC recipients who receive care in tlogin home, 74% live in the home
with spouses or other family members, and halhefrt have household income of less than
200% of the federal poverty limit (FPL), with a nieea household income of only $32,000
(Kaye, Harrington, & LaPlante, 2010). We know thdtmillion people receive Medicaid-funded
LTSS, which means that they have very low incong\artually no assets, or that they have
spent-down their assets to nearly nothing (KFF2B)1However, not as much is known about
how the income and assets of the families of Medicecipients differ from those of non-
Medicaid LTC recipients. Still, even among the lrpapulation of those aged 65 and over, the
median household income was only $31,157 in 2008 tlae median net worth was $170,494;
further, 11% have incomes below FPL, and 8% have @enegative net household wealth
(Frye, Cohn, Livingston, & Taylor, 2011). Povertyang older adults, even with the supports
available through Social Security, remains an irtge@rconcern, and it is reasonable to expect
that those who require LTC are even more vulnerable

Data on racial and ethnic differences among LT@orents is limited, but some evidence
suggests that distribution of LTC recipients byeragughly mirrors the racial distributions of the
population in general (Spector, Fleishman, Pe&ipillman, 2000; Feng, Fennell, Tyler,
Clark, & Mor, 2011).Interestingly, Feng, et al. (2011), assert thatevhiowth in African-
American and Latino populations in nursing homeassisig dramatically and consistently with

growth in the overall population of adults ageda®®l older, the percentage of White nursing



home residents is actually dropping. This suggésiissome disparities may exist in access to
more preferred venues of care, such as home- anthaaity-based care, with Whites having
more choices than their African-American and Latieonterparts. Numbers derived by Kaye,
Harrington, and LaPlante (2010) paint a slightlfedtent picture. They find that the racial/ethnic
distribution among LTC recipients differs slighthpm the population at large, with minority
representation slightly higher among LTC recipieRts instance, among those living in care
facilities, Whites account for 82% of LTC recipisnAfrican-Americans, 14%, and Latinos, 5%.
Meanwhile, among community-dwelling LTC recipientstinos constitute 10% of the
population, while 16% are African-American and 7&8é White. The percentages of
Asian/Pacific Islander and Native American LTC pgents in institutional care are lower than
percentages of those living in the community (1¥9463%, and 1% vs. 2%, respectively). It may
be that findings from Kaye, Harrington & LaPlante aot inconsistent with Feng, et al., since
the latter study focuses on change statistics aekissto identify an emerging trend. Further
research is needed to understand the degree th disigarities exist in access to the preferred
modes of LTC delivery, and to examine the degreghich pressure to provide informal care

exacerbates existing vulnerabilities with regarti¢alth and family financial security.

Who provides care?

Numbers. Among those living in the community, 92% of cageipients receive at least
some help with activities of daily living (ADLs)dm an unpaid helper such as a spouse, child,
or friend, and at least 62% receive hetpy from informal caregivers. Like data on care
recipients, estimates of the prevalence of caregivary. The Agency for Healthcare Research

and Quality (AHRQ, 2010) estimates that 45 mill&mericans, or 15% of the population, are



involved in providing care for a disabled adult,ilta recent study by NAC and AARP (2009)
puts the number closer to 62 million. Accordinglte most recent estimates by the MetLife
Mature Market Institute (MMI, 2012), 10 million altlsiover age 50 care for a parent.

Demographics.As mentioned previously, informal caregivers aggally not
compensated for providing care. Nearly half worlktime while also fulfilling caregiving
responsibilities at home, and another 11% work-praxe (NAC & AARP, 2009). Almost half
(48%) of these caregivers are over the age of §8,just 13% over the age of 65. As a result,
the average age of caregivers is approximatelypdbthis has been increasing gradually over
time; the average age was 46 in 2004. Approximaté® of caregivers are White, and roughly
13% are African-American. More than 42% of careggweport household income of less than
$50,000 per year, and the median household incerapgroximately $57,000. Fifty-eight
percent of caregivers are married, and 37% havdrehior grandchildren living in their
households; close to one-third (31%) also live \higar care recipient. Most caregivers (66%)
are women. Nearly one-third (31%) of caregiversehanovided care for more than 5 years, and
this number has increased in recent years. Cldarig,is not just an issue for the individuals
receiving care, but also has ripple effects acfasslies and communities across the United
States.

Formal Care. As noted previously, informal caregivers are met only people involved
in providing care. Formal, direct care servicesawast and growing industry, which employs
three million people nationwide (PHI, 2011). Thesekers help clients with both ADLs and
IADLs, and provide companionship in some cases@afby for those who are unable to leave
their homes, or for those who have moderate torambhchdementia and are not able to be left

unattended for safety reasons. More than halfrefcticare workers (1.7 million) work in home
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and community settings, and most are employed bpriafit agencies, while about 12% are
either self-employed or employed by private houtdh(DOL, 2012). The average homecare
worker earns $17,000 per year, while nursing agheshome health care workers earning
slightly more ($18,300), and personal aides earamhess ($13,000) (PHI, 2012). As a result,
47% of direct care workers rely on public benediish as food stamps or Medicaid to
supplement their incomes. Importantly, a disprdpogte share of direct care workers are from
minority populations: only 47% are White, while 3@¥e African-American and 16% are

Latino. The average age of these workers is 42thmse who are self-employed or employed by
private homes tend to be somewhat older at 48 y#drsvhile those employed in nursing homes
are slightly younger (40 years) on average. Inrot@ds, workers are often members of
vulnerable groups, and, earning below-average wiagasd-life, are more vulnerable to
economic insecurity in later life than the geng@@pbulation. Although analysis of the economic
impacts of caregiving on these workers is not idetliin the present study, this is an important

area for future research and policy development.

What does LTC cost and who pays?

In 2009, $240 billion was spent nationwide on fokfoag-term care services, with
roughly 69% of this cost paid for by public progmasuch as Medicare and Medicaid (KFF,
2012). Most of the rest of the cost (19%) was bdmypé&amilies, while only 7% was paid for by
private insurance. Since the average cost of angih®me stay in 2010 was $88,000 — with
costs exceeding $100,000 in one-fifth of statdse-biurden on families can be quite substantial
when neither private nor public sources of covermgeavailable. Nonetheless, fewer than 11%

of Americans aged 55 and older, and less than IfG#egopulation as a whole, have private
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long-term care insurance to help pay for this ¢dofinson & Park, 2011). The rest rely on
personal savings and public programs, meaningdinalhe majority of Americans, a lifetime’s
worth of savings may be lost if long-term careeeded. The following is a brief overview of the
primary payment mechanisms for formal LTC. Thisteahis important for understanding how
the financial risk that grows with our increasiogdevity is distributed across taxpayers in
general, care recipients, and caregivers.

Private insurance.Although a very small percentage of LTC costspaié by insurance
plans, the presence of this source of coveragapsitant to note. Private LTC insurance
products are available, but uptake of these preduas been minimal; fewer than 10% of
Americans are covered by a private LTC insuranaa phd this level is decreasing (Andrews,
2010). This low uptake, combined with higher thapexted inflation in health care costs and
lower than anticipated interest rates, has led nmaswyrance companies to drop their LTCI
products (Schoeff, 2012). Ultimately, only about @84.TC expenses are paid for through
private insurance (Kaiser Family Foundation, 2042y this number is expected to decrease
unless new market reforms are implemented.

The failure of the private LTCI market to thrive ams that pressure on both individual
budgets and public programs is growing. In faamespeculate that the presence of Medicaid —
which acts as the payor of last resort when prifiateds have been expended fully — serves to
deter many families from purchasing costly priviatairance products (Brown & Finkelstein,
2011). Evidence that purchase rates of LTCI in@easfamily assets increase is used to support
this theory, because wealthier families have greatentive to preserve their assets rather than
risking asset spend-down through Medicaid. An aligve view is that families with fewer

assets have more difficulty paying insurance premsiuwhich can range from $1,100 for a plan
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purchased by a middle-aged adult with minimal biénéd over $16,000 per year for older
individuals with more robust benefits. Debate aoméis about whether private insurance is
untenable — meaning an expanded public insurarsterayis needed — or if the presence of any
public safety net prevents the private market fearoceeding. Either way, the net result has been
an increasing dependence on public programs tdgodgrmal care.

Medicaid. Total Medicaid expenditures alone reached $42®bilast year, and
although only 6% of Medicaid enrollees (4 millioegple) use Medicaid-funded LTSS, they
account for roughly half of all Medicaid expendéarn(KFF, 2012). The state share of this
spending was $156 million in 2011, or approxima3y6% of all state spending. For some
states, Medicaid accounts for an even larger stfaspending; Pennsylvania, for instance, spent
nearly $8 billion, or 31% of the state budget, vatiother $14 billion spent in the state through
federal matching funds (NASBO, 2011). Since mosglerm care recipients are members of
“mandatory populations” or require “mandatory seed’ as defined by federal law, the only
recourse for states seeking to save money is tagehthe way that services are delivered (such
as prioritizing home care over nursing home stays)p drop coverage for other, non-mandatory
populations. (For this reason, coverage for noakldesd adults under age 65 has virtually
disappeared in many states.)

At the same time, a dramatic shift toward home- @mmunity-based long-term care
services is also underway. This shift has beenypdnitzen by the need for states to save money
— providing care in the home is widely perceiveth¢dess expensive than providing care in
nursing homes, although the evidence is mixed -wlstalso prompted in part in 1999 by a
ruling of theOlmstead v. L. C. and E. Wiling of the U. S. Supreme Court. The Court fbun

that requiring LTC recipients to move into a nugshhome to receive care was a violation of their
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right to receive services in the community when itedty appropriate (Department of Justice,
2012). ThisOImsteaddecision prompted a rewriting of Medicaid policyaitow states to apply
for waivers through which they could begin to paevcare in non-institutional settings. A
revolution in "consumer-directed services" has edswith a proliferation of waivers in most
states and the resulting development of severagirano innovations that support not just care
recipients, but also their informal caregivers2009, this shift was codified in the Patient
Protection and Affordable Care Act (PPACA or ACAidHic Law 111-148), which specifies a
goal to “rebalance” Medicaid services “by expandaegess to an array of home- and
community-based services and reducing dependentsstitutional care” (CMS, 2012). Several
policy innovations are funded through the ACA tdph&tates move toward this goal. For
instance, the ACA institutes a major expansiorhef‘Cash and Counseling” model of care
delivery, allowing Medicaid beneficiaries to receivash benefits that they can use to purchase
services, medical equipment, and home modificaterather needed products and services at
their discretion. The ACA also includes an expangibthe “Money Follows the Person”
program, which allows Medicaid dollars to be usetransition nursing home residents back
into the community to receive care in their own lesmor another community-based setting. Both
of these programs give LTC consumers more diserétialetermine what types of care they
want to receive, who will deliver it, and where tare will be delivered. An important
component is that care recipients often have thiempo use funds to pay family members or
friends to provide care, and to spend funds on haodifications that will facilitate
independence.

Though these programs have potential to satiséntdi desire to remain at home and

independent for as long as possible, there arerbauof systemic challenges that limit the
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effectiveness of these programs. First, a recenysaf the Money Follows the Person program
found that workforce shortages have proved to majar barrier to connecting clients with

HCBS (Watts, 2011). There are a number of readwtghis workforce has not responded to
increasing demand. Certified nursing assistantshante health aides cite poor pay, lack of
benefits, insufficient training and too few opparities for advancement as the major reasons for
job dissatisfaction, which indicates that majoraimarket reforms would be needed to make the
shift to HCBS more wide-spread (Khatutsky, Weidagrderson, Ahkmerova, Jessup &

Squillace, 2011).

Second, when clients choose to use funds to payyfammbers as caregivers,
significant training is needed but is not alwayaikable. Furthermore, payments are not always
enough to offset caregivers’ lost wages and otkpemses related to caregiving, and do not
compensate caregivers for all the hours of cang pih@vide. A study of Cash and Counseling
programs in three states, Arkansas, Florida, and Mgsey, found that caregivers were
compensated, on average, for fewer than half thveshaf care they provided (Dale, Brown,
Phillips, & Carlson, 2005). Their compensation rahdrom $6/hour in Arkansas to just over
$10/hour in Florida, but compensation for traveidiand fringe benefits, like health insurance,
were rarely provided. Further, in nearly a thirccates, payments were sometimes late, which
means that they cannot be relied upon as a mamesofiincome. These findings make it clear
that while these programs do provide a small stgerfacilitate caregiving by family members
or friends, the cash supports may not be enoughatect caregivers from the financial
consequences associated with intensive caregiesgpnsibilities.

A third challenge related to these rebalancingredfis that the programs are sometimes

time-limited. In particular, Money Follows the Pensallows for 12 months of transitional
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services, at which point covered services revettiéaegular package of Medicaid LTSS
provided by the state. This often means that wdolae initial funding is spent on training
informal caregivers and assisting with the transitback into the home, these supports
disappear, leaving informal caregivers to assuraerthjority of responsibility for providing

care. For this reason, states are seeing a grovitle inumber of participants who are readmitted
to institutional care after their transitional metiis over (KFF, 2011). There may also be adverse
consequences for caregivers when the care recigardins in the community and the
transitional services end. Without sustained egfeotsupport caregivers, programs that prioritize
HCBS may leave families exposed to risks of finah@hysical, and emotional strain. Thus,
although Medicaid bears the lion's share of tharfaial burden for LTC and states face dire
financial crises that spur them to seek ways taeced.TC spending, these Medicaid innovations
may be exacerbating, not easing, problems facezhtygivers.

Medicare. Until very recently, Medicare has played a miraerin financing long-term
care relative to the role of Medicaid. Although mAmmericans believe that Medicare will pay
for their long-term care needs, the law is writtesuch a way that it only pays for care that 1)
follows a hospitalization and 2) is reasonably exee to result in improved functioning. As a
result, Medicare only pays for about 24% of LTCtsper slightly more than is paid by
individuals out-of-pocket (KFF, 2012). This amouthte $58 billion in 2009 — no small sum, but
not nearly the price paid through the means-telgtedicaid program. However, this number
may rise dramatically in the near future.

The rule that Medicare could only pay for LTSS thate expected to result in improved
functioning was recently challenged in a classoackawsuit Jimmo v. Sebeliysvhich was

settled out of court by Department of Health andndn Services (HHS) in October 2012
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(Miller, 2012). As a result of this settlement, tbree years, Medicare will be required to expand
its LTC eligibility criteria to include all skilledare (such as nursing or physical therapy)
resulting from a hospitalization, even if it is rexpected to result in increased functioning or
cure. This settlement has the potential to radicater the distribution of LTC financing, since
many people who do not qualify for Medicaid mayeltigible for Medicare-financed LTSS. As a
result, care recipients' out-of-pocket costs mayekese, while the share of LTC paid for by the
public will increase by an unknown amount. As a$thriting, the settlement has not been
finalized in court, and so impacts of the rulingy@aot yet been assessed. Additionally, it is
unknown whether this policy change will only lds¢ three years mandated by the settlement or
if, once implemented, this change will become tee status quo

Care recipients and their caregivers.The cost of formal care, to both families and
society, is only part of the picture. The valuecafe provided by families, which is mostly
unpaid, was estimated to be roughly $450 billio2@1.0, and this figure increases dramatically
each year (Feinberg, Reinhard, Houser, & Choul21R0rhis in-kind donation of time is
important to recognize, in part because it reprissam opportunity cost: time spent on
caregiving is time that might otherwise be spenotirer activities, including paid work, other
volunteering, or leisure. As an opportunity cosgrefore, caregiving — even when separated
from the loss in productivity that may result fraaregiving's health effects — can be seen as a
drain on the country's GDP. Traditionally, the \wabf informal care has been calculated using
the going rate for formal care, not by estimating dpportunity costs. As a result, the actual
impact of informal caregiving on GDP is unknown.

On top of their donations of time, families alsoundirect financial expenses when

meeting the care needs of family members, frieadd,neighbors. Though estimates of out-of-
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pocket expenses for caregiving vary widely, onemnéstudy estimated the average annual
expenses for each caregiver to be between $5,58%$11300 (Evercare/NAC, 2007). As
discussed below, the sample used to derive this&s is not nationally representative, and it is
not known how many families experience this kindilm&ncial drain; some may pay
significantly more, if the care recipient has needs but is not receiving Medicaid, while others
may not spend any of their own money on care. Heweleven the lower estimate by
Evercare/NAC is accurate and generalizable, witrlgel5 million people providing care for a
disabled adult over the age of 17, as much as BBl may be spent privately — on both
formal care and indirect expenses such as legakssy out-of-pocket health expenses, and
home modification such as ramps and bathroom gaab-bevery year. In other words,
household out-of-pocket expenses related to long-tare may be as much as 5% of annualized
personal consumption expenditures in the U. S. Addehese direct expenses are losses due to
taking time off of work, forgoing promotions, andntributing less to Social Security and
savings/retirement accounts. It stands to reasanftthe average caregiver experiences these
kinds of financial responsibilities and consequenoet only can caregiving be expensive in the
present, but it also may lead to delayed assehadetion and insufficient retirement
preparation among caregivers. As discussed ingkeahapter, these potential impacts have not
been sufficiently explored empirically — and altgbuadvocates for caregivers are inclined to use
existing estimates to make the case for immedetef for caregivers, more work is needed to
understand the long-term financial impacts of caing.

In addition to the financial consequences of infargaregiving, the significant physical
and emotional toll must also be considered in audision of the economic impacts of informal

caregiving, since these result in higher morbiditgd mortality for those who are providing

18



direct care (Pinquart & Sorenson, 2003). Perceptaidrstrain are highly correlated with the
physical and mental health impacts, which is ofipalar concern because perceptions of strain
are increasing as more care recipients are stayingpving back home rather than living in an
institutional setting (Reinhard, Levine, & Samif]12). Although a more detailed description of
the physical and mental health impacts of caregiwsrbeyond the scope of this paper, these
impacts are relevant to the extent that informeg¢ga&ing decreases in individual's earning and
saving potential and increases a caregiver’s tigkperiencing his or her own LTC needs in the
future. As mentioned earlier, health and financaability are intertwined; therefore, although a
review of the caregiver health literature is naiypded here, any discussion of the potential for
caregiver responsibilities to undermine financegbability is not complete without mention of
the negative health impacts of caregiving. As altethe health status of caregivers was
included in the analysis conducted as part ofstudy

Unfortunately, despite these expected financiatlens from long-term care, many
households fail to prepare adequately for retirdraed LTC needs. In fact, a recent study found
that when long-term care insurance, health costspéher retirement needs are taken into
account, roughly 65% of all households will beriak” of being unable to maintain their
standard of living in retirement, with probabilgiencreasing by generation such that a full 72%
of Generation Xers (those born in 1965-1974) walldt risk (Munnell, Webb, Golub-Sass, &
Muldoon, 2009). Even though mandatory Social Ségparticipation provides a guarantee of
some income in later life, most Social Securityrpapts are not adequate to pay for significant
LTSS. Thus, the significant tension between farang public financing of LTC remains
unresolved — expenses on both fronts are unsubtainaw, there is a risk that the problem will

get worse, and no real solutions are on the horizon
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Chapter 2. What we know about the financial impactf caregiving

As the foregoing discussion indicates, informakgaring has significant direct and
indirect costs. It is unknown, however, the extenvhich these expenses have lingering effects
on informal caregivers. It stands to reason thearegiving leads to decreased income, it may
also lead to decreases in retirement savings dredt ttpes of asset development. However, the
direct impact of informal caregiving on lifetimesa$ accumulation has not been documented;
instead, analyses of impacts on income and asae¢ésused mostly cross-sectional data, and are
often not nationally representative. This chaptéars a brief review of the literature and
theories that relate to the economic impacts armél caregiving, followed by a presentation of

the research questions driving the present studyttenhypotheses that were tested.

Previous Empirical Work

While there is a relatively large body of empirieadrk exploring the physical and
mental health effects of caregiving, less is kn@lout the financial impacts. A few studies have
sought to quantify both the direct costs and tifieces on wages for caregivers, but most of this
research relies on cross-sectional data, uses sarhgalt are not nationally representative, and is
largely a-theoretical in approach. As a resultsexg knowledge about the financial toll of
caregiving is somewhat speculative, and requiresigdizations that may or may not be
supported by the data used.

One approach that had been used frequently to staser the financial toll of caregiving
is to quantify the impact of caregiving on waged amrk behavior among working caregivers.
There is evidence that caregiving leads to a reoluat work hours, and that some caregivers

take unpaid leave or quit working altogether inesrth provide care (Stone, Cafferata, & Sangl,
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1987; NAC/AARP, 2009). Conclusions about wealthdnavn by extrapolating long-term

wealth impacts from information about loss of wadesegone promotions and raises, and
decreased contributions to pensions and SocialrBeddne influential and frequently cited
study of this type is the Metlife Juggling Act SyudMetlife Mature Market Institute [MMI],

1999), which was one of the first attempts to giyathe full range of costs borne by working
caregivers. The study concluded that respondestatoestimated $659,139 in wealth over their
lifetime as a result of lost wages and decreasesniributions to pensions and Social Security.
Unfortunately, the study had a sample size of Spardents, all of whom were working and
were selected because they reported that they hdd accommodations at work as a result of
caregiving responsibilities. The study is importhatause it attempts to quantify the costs in a
wide range of domains, including foregone promdiand raises, decreases in contributions to
savings and retirement funds, and expenses thateeatiscretionary income. However, the study
is not representative of all caregivers — and 8iemated costs are not generalizable, even among
employed caregivers.

More recently, MMI, in collaboration with NationAlliance for Caregiving and the
Center for Long-Term Care Research and PolicyeatNtaw York Medical College, revisited the
topic by analyzing nationally representative daterfthe 1998 wave of the Health and
Retirement Study (HRS) to further understand tletscto caregivers who are also employed
(MM, 2012). They estimate that in 2008, nearlyriillion people over age 50 were serving as
caregivers for a parent — defining caregivers bsoad those providing help with basic personal
tasks or providing financial assistance. They &smd that the average loss to a working
caregiver’s retirement funds (defined as wagessipes and Social Security contributions) was

$304,000 for this population, with women losing m@324,000) than male caregivers
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($284,000). Again, however, these estimates asedan cross-sectional data, and include both
caregivers who donate time and those who are prayifthancial assistance to a parent — a
definition of caregiving that is broader than thaéd in many other studies. Because of the
cross-sectional nature of the approach, it is unknahether these impacts of caregiving are
long-lasting, or if caregivers are able to recooms losses after the caregiving experience has
ended (either by returning to work or through bexisiérom the care recipient). Further,
including those who provide financial assistancthwhose who provide time may confuse the
issue of financial impacts — it is expected thasthwho help care recipients with expenses will
see an immediate financial effect, while it is leksar whether caregivers who provide help with
personal tasks also experience financial impacts.

Another approach to understanding financial impecte quantify caregiver expenses.
For instance, in a telephone survey of 1000 selfvified caregivers, Evercare, in collaboration
with the National Alliance for Caregiving (Everc&MAC, 2007), asked caregivers to recall how
much they spend on caregiving (or on behalf ofrtb@ie recipient) in a typical month.
Caregivers were defined as those who provided arage of five or more hours a week of
assistance in the past month, and the assistarxdefiaed as help with either ADLs or IADLS
—that is, a fairly broad definition of caregiviags used. Respondents reported an average of
$5,531 in direct caregiving expenses annually —entloan 10% of the median income of the
sample. Further, 38% of respondents reported gtttk on personal savings patterns in order
to accommodate the costs of caregiving. Among fhpebple who agreed to keep a daily diary
of expenses for one month, the average expenditasemuch higher: $12,348. These figures are
alarming, and have been used widely by the maiastr@edia, financial planners, and advocacy

groups to demonstrate the financial toll of carew\(see, for instance: APA, 2013; Carthage
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Press, 2012; Wells Fargo, n.d.). In fact, the estias are often generalized as an average for all
caregivers; a CDC webpage for cancer caregiversngtance, says, “Caregiving can create
immediate and long-term financial problems for garers. Many caregivers give money to the
patient—$200 per month on average—and spend aagwveff $5,531 per year out-of-pocket on
expenses related to caregiving” (CDC, 2012). Howee study sample used to derive this
figure is not representative of all caregivershie U.S., and it may be that some caregivers spend
far less. Further, some caregivers may spend thaiat for a short time, but the long-term
impacts on caregiver finances may be far less ewdre

Another approach used by some to investigate tfaial impacts of caregiving is to
assess caregivers’ perception of financial stidiost notably, financial strain has been
incorporated into several larger assessment insintsnsuch as the Caregiver Strain Index
(Robinson, 1983) and Modified Caregiver Strain bn@Ehornton & Travis, 2003); the Zarit
General Burden Inventory (Zarit, Reever, & BachePatn, 1980); and the Cost of Care Index
(Kosberg & Cairl, 1986). Further, one stand-albnancial strain assessment tool, the Financial
Impact Scale, was developed by Todtman and Gustdi€91), and has been used in at least
one other small, mixed-methods study (Murdoch, 20B8th the Todtman & Gustafson and
Murdoch studies found significant financial strammong the populations surveyed, and yet
unfortunately the Financial Impact Scale has nenbe&lidated with larger populations. Several
other studies have assessed perceived finan@at sts part of a broader assessment of caregiver
burden (Cantor, 1983; Scharlach & Boyd, 1989). G&a(it983), for instance, found that financial
strain was a significant concern among all caregivaut that the strain was most pronounced
among spousal caregivers. Across all groups indCargtudy, however, financial strain was not

as much of a concern as physical and emotionathheahcerns. Consistent with this finding,
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George & Gwyther (1986) found no evidence of finahstrain among caregivers of people with
dementia, despite finding evidence of significaagative impacts in the social and mental health
domains of well-being. It should be noted, howeteat the studies finding little or no evidence
of financial strain reflect findings from the 198@sd caregiver experiences are likely to be
substantially different now.

Together, empirical work over the last three desaiggests that there may be some
negative impacts on income, which have the potetatidecrease retirement preparation and
asset accumulation. However, to date, this relatignhas not been established using
longitudinal analysis, and connections to existimgpry about household savings patterns have
not been made. A significant difference betwees $hudy and previous work is that this study
uses a longitudinal approach to model the impacaoégiving on wealth over time, rather than
at one discreet observation point. Another diffesers that existing information about financial
impacts are purely descriptive and have not beeuargted in theory, while this study seeks to
anchor an exploration of the relationship betwesmegiving and assets in an existing economic
theory, described next, which is used to understhadongitudinal nature of asset accumulation

and decumulation, but which has not been appliedtegiving to date.

Theoretical Framework

Life-Cycle Hypothesis of SavingThe concept of wealth trajectories is groundetthé
life-cycle hypothesis (LCH) of saving, first progasby Modigliani and Brumberg (1954), and
expanded by Ando and Modigliani (1963), Kotlikddpivak, and Summers (1982) and
Modigliani (1986). LCH posits that savings occurass a lifespan in the shape of a bell curve,

with net wealth starting at zero in childhood addlascence — as parents invest resources into

25



children — and then increasing in early adultho®tha individual enters the labor market.
Wealth accumulation peaks at retirement, after twidissaving or decumulation commences,
with the expectation that wealth diminishes stgauiitil death Kodigliani and Brumberg,
1954), as depicted in Figure 1.

Figure 1. Life-cycle theory of wealth (Brown, 2011)

Wealth

{Early Aduhhum:i;l___ o {Peak Earning Years) {Retrrement Years)

Age

Later variations on this theory hypothesized thesaliing may be mitigated by a
“bequest motive,” such that an individual may netsome savings with the intention of passing
it along as a bequest to children or other famignmbers. This simple conceptualization has
been challenged more recently; for instance, Blin@erdon and Wise (1981) found that in fact,
among many families, dissaving in later life does mecessarily occur, and yet the bequest
motive for savings is only weakly supported. Arealative explanation for the propensity to
accumulate assets throughout retirement is thaaS8ecurity and other pensions may serve as a
substitute for employment income later in lifepaling individuals to retain assets rather than
spend them, but the substitution effect is notgurand some evidence is contradictory (Blinder,
Gordon and Wise, 1981; Land & Russell, 1996). lyastbme hypothesize that those who are
risk averse will retain assets in anticipation xjpenses in later life related to health events or
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other catastrophic needs; once again, howeveg thescant evidence to support this hypothesis.
Therefore, many questions remain about why somgithdhls save more than others, and why
some spend down wealth later in life while otheysdt. Caregiving may be one of the reasons
that some save and others do not, but this dynaasaot been explored fully.

Recent work in this field has investigated the @ff# major life events, such as the loss
of a spouse, on household wealth (Sevak, Weir, &8y2003). Major health shocks later in
life, including the onset of iliness or a suddenident causing disability, may also have
significant impacts on income and assetsrfl & Reardon2003; Lee & Kim, 2008; Smith,

1999). These impacts are found to be more lastimgng the oldest old, and less so among those
who are pre-retirement. Also, the financial conssaes of poor health may be more significant
for women than for men (Kim, 2006), as well asrfeembers of minority populations (Bond

Huie, Krueger, Rogers, & Hummer, 2003; Kim & Le®08), and the effects of the two combine
to make minority women particularly vulnerable tgeriencing negative financial consequences
from health shocks (Butrica & lams, 2003). Thusyltiteshocks are widely understood to be one
predictor of financial difficulty in later life, ahyet studies exploring this phenomenon have
focused almost exclusively on finances of the irtiial experiencing the health shock, not on
the indirect effects on the caregivers. More wagkats to be done to understand whether these
health events have a similar economic shock effeatareqgivers.

The life cycle hypothesis informs this study ingmways. First, it conceptualizes wealth
accumulation/decumulation as occurring in a trajgcover time. Second, the theory
incorporates the idea of shocks as a determinathiecshape of these trajectories. Third, it
suggests that trajectories vary by subgroups, as@mong women and racial/ethnic minority

populations. However, economic studies that testrtipacts of factors such as gender and race,
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or the impacts of shocks from health or maritalnésedo not explain these impacts with a
specific theoretical framework; therefore, addingeacourse perspective to these economic
analyses has the potential to clarify the changegsialth patterns that occur among specific
subgroups.

The Life Course PerspectiveThe life-course perspective locates families wittmiulti-
faceted social, historical and geographical costexhile also acknowledging the links between
individuals within the family and the trajectoriesindividual experience through time. As
outlined by Elder (1998), the life course perspectdentifies six principles that guide
understanding of human development. Although tieedourse perspective is not discussed
widely in empirical studies of nationally repressite economic data, the principles outlined by
Elder, as described below, can offer important wbations to the exploration of household
savings patterns.

1) Historical and geographic locatiotndividual and family experience must be
understood in part as a function of the historazad geographic location in which they occur.
For instance, the relevance of research into indbiare in the U.S. in the 2tentury is partly a
function of historical forces: the baby boom, whiws altered the ratio of older adults to
children in society; medical and technological athes that help to extend life expectancies well
beyond where they were 100 years ago (and wellrzbydere they are in less developed
countries); and industrialization, which has spdirme increase in the geographical distance
between family members while also increasing tharfcial resources available to families to
pay for formal care services.

2) Timing in livesThe caregiving experience may be qualitativelyedént depending on

when it occurs in someone’s life. For instancerawng body of literature focuses on the
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“sandwich generation,” comprised of those who arth Ipaising children and caring for an aging
parent(s) simultaneously. The pressures and revaditiss experience may be quite different
than those experienced by a 70-year old caringriaailing spouse, and, particularly relevant for
this analysis, the long-term financial impacts afegiving may change substantially based on
the timing of the caregiving experience.

3) Linked livesThis principle acknowledges that individuals’ kvare interconnected,
and that the experience of one family member mdyimeact that of another. This is
particularly relevant to instances of caregivingeperson’s long-term health need, and the
resulting financial impacts on the care recipiemy have important ripple effects both within
the family and among seemingly unrelated individuafor instance, when coverage for LTC
services creates strain on state budgets and psaufs in other state expenditures.

4) Human Agencylhe life course perspective asserts that even theagous social and
historical contexts influence individual experiencelividuals are still actors in their own lives.
Thus, although external contexts may impact thanfonal wellbeing of caregivers, they are also
impacts by their own degree of risk aversion, pngjitg for saving, career choices and ability to
work before, during and after the caregiving exgrece.

5) Diversity of Experienceahis principle recognizes that while some commitieslare
inherent in cohorts of individuals — baby booméssjnstance, have experienced certain
historical landmarks that helped shaped their agpee collectively — there is still important
heterogeneity of experience within cohorts. Amoarggivers, these within-cohort differences
will be equally important; that is, the experierédemale caregivers may be different than that
of male caregivers, and the degree of self-deteatimn available to individuals may vary by

culture of origin, neighborhood, and other socioremmic factors.
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6) Cumulative effects of advantage and disadvantdgeally, caregiving for an older
adult occurs in mid- to late-life. Prior to thispetience, various life experiences may have
helped an individual either to build resourcesrésilience, or to compromise their capacity for
resilience. Thus, the caregiving experience mayoicctwo individuals’ lives when they are the
same age and under similar contextual circumstaibcgsvill be qualitatively different because
of previous life experiences and the cumulative@# of advantage and disadvantage. These
differences may lend crucial insight into why socaeegivers report that the caregiving
experience is rewarding, while other report adveffects on health, mental health, and
household finances.

When household savings patterns are viewed frorpéhgpective of these six life course
principles, an important conclusion is that we#l#jectories may not be homogenous, but
instead may differ substantially depending on hiséd, social, and personal contexts. Brown
(2011), for instance, found that the negative ¢&f@f race and gender intersect and accumulate
over the life course, such that Black women havg lev levels of net worth and that these
levels remain relatively flat, rather than incregsas the LHC hypothesis would suggest. Cross-
sectional analysis of wealth for women and menotdrcproduced similar findings: wealth
disparities exist by race, with African-Americamsld_atinos having vastly lower amounts of
wealth than their White counterparts, and for wonvam have much lower amounts of wealth
than men (Oliver & Shapiro, 2006; Chang, 2012). fidee and gender gaps have intersecting
impacts, such that women of color have the lowesdiam wealth when compared both to men
of color and to White women (Chang, 2010).

In sum, not only may wealth trajectories diffemmagnitude — that is, some individuals

may have a much steeper wealth accumulation charedthers — but the trajectories may also

30



differ in overall shape: some may follow the staxdaell shape, while some others may remain
flat, and still others may have dips related tocklspas described above. The potential for
heterogeneity in wealth trajectories has importamtications for selection of analytic methods,

as discussed in the next chapter.

Study questions

As suggested by the life course perspective, thenpial negative financial impacts of
caregiving may have particular relevance for theke are already financially vulnerable.
Women, for instance, are more likely to experiepaeerty in later life than men (Hudson,
2010), and since a majority of caregivers are wqrttenfinancial consequences of caregiving
may compound an existing economic disadvantageiléiy) some minority populations in the
U.S. — African-Americans and Latinos in particutdnave higher rates of poverty overall and
may be disproportionately strained by the demamdam@giving (Collins, Hall, & Neuhaus,
1999; Rank & Williams, 2010). Thus, while caregwewerall may be conceptualized as a
vulnerable population, subgroups such as raciabntias and women may be especially
vulnerable, and therefore particularly relevansacial workers and policy makers.

Caregiving can have economic effects in a numbareas such as income, employment
status, and wealth (or net worth), which includ®arsys, pensions and retirement accounts,
investments, home equity and/or business equityusnany debts. In this studyealth
trajectoriesare the dependent variable of interest, rather ith@ome and employment status. A
wealth trajectory is the pattern of asset accurrauiaand decumulation over time (Bernheim &
Scholz, 1992). The aim of the study is to identibw the experience of providing informal care

to a parent impacts caregivers’ wealth trajectoBesause little is currently known about
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investment and saving patterns among informal ceagegy the study seeks to identify the
relationship between caregiving and wealth trajeesdfirst by comparing caregivers to
noncaregivers. Then, because certain groups are vadrerable to poverty than others, the
study examines differences in wealth patterns ancanggivers who differ by various caregiver
attributes — such as gender, race, and income byattributes of the caregiving experience,
such as duration and intensity. The following reseguestions, therefore, guide the
investigation:
Research Question 1Does caregiving affect wealthrajectories?
Hypothesis 1.1:Caregiving will be negatively associated with widtajectories.
Research Question 2: Do caregivers’ wealttiajectories vary by caregiver attributes?
Hypothesis 2.2:Female caregivers will experience greater negatnamge in wealth
trajectories over time than men.
Hypothesis 2.3:Race/ethnicity will predict membership in groupsdwhom caregiving
negatively impacts wealth trajectories.
Hypothesis 2.4:Education will predict membership in groups foromhcaregiving
negatively impacts wealth trajectories.
Hypothesis 2.5:Caregivers’ health will be negatively associatethwealth trajectories
in groups for whom caregiving is also negativelyaasated.
Hypothesis 2.6:Marital status will predict membership in groups Wwhom caregiving
negatively impacts wealth trajectories.
Research Question 3How do the duration and intensity of the caregivingexperience
impact caregivers’ wealth?

Hypothesis 3.1:Duration of the informal caregiving experiencassociated with a
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larger negative effect on caregivers’ wealth tregaes over time.
Hypothesis 3.2:Intensity of the caregiving experience is assedatith larger negative

effect on caregivers’ wealth trajectories over time
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Chapter 3. Data and Methods
Challenges of testing of wealth hypotheses

Despite the predominance of the LCH and life copesspective as an explanatory
model of household savings patterns, there have fesedirect empirical tests of the theory, in
part because such tests have proved difficult toraplish. Bernheim (1987), in fact, provides
the first empirical test using longitudinal, padeta, and finds the theory not fully supported by
the data. Land and Russell (1996) mention the ehgdls related to finding suitable longitudinal
data; in particular, they argue that data extendurgss the lifespan is needed to fully test the
LCH. Many data sets that collect comprehensive eton data from households do not collect
panel data for more than a few years. As a resulst studies rely on cross-sectional analysis to
make longitudinal inferences about life cycle sggibehavior.

This study seeks to address some of the data atiwbdwdogical challenges, while
acknowledging that difficulties remain. First, thieidy uses data from the Health and Retirement
Study (HRS), which contains comprehensive housebobdthomic data from a nationally
representative panel of adults aged 51 and abdedataset does not contain complete life-
cycle data for respondent households at this timespondents enter the study at age 51 or
above, and although their families (including cteld) are tracked, even the oldest original
respondents and their offspring have not beenarstady long enough to have complete life
cycle information yet. However, there is the potrb study respondents who entered the study
while still in their peak earning years, and whe &acked until death.

Second, the study conceptualizes wealth as ocgumia trajectory that is latent — not
directly observed, but measured in part througlileegbservations of asset holdings and debt.

In the case of the HRS, values for these measueesbaerved every two years; thus, although
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complete life cycle data is not available, inferemiabout later life may be drawn by analyzing
multiple waves of data to understand the lateedtaries that may be at work.

It is important to note the particular challendesttaccompany applying latent growth
curve analysis to wealth measures. First, wealtioisriously skewed, and the distribution of
wealth across negative and positive values malatiststal transformations problematic.
Friedline, Masa, and Chowa (2012) provide a helpgulew of these challenges, and propose
several approaches to transformation of wealth. dataore detailed explanation of how the
skewness challenges are dealt with in the presedy $s provided below.

Another challenge implicit in applying longitudingbproaches to analyzing wealth data
is that linear growth curve models assume thattiverdcurs in a homogenous pattern across the
population — that is, that while the starting valaad magnitude of change may differ across
respondents, the overall pattern of wealth accutiemand decumulation will look the same.
Latent growth curve models take a different appndacallowing group-based analyses, in
which both the shape and the magnitude of trajesstanay fall into natural groupings. Two
major types of growth curve analyses have emengead this perspective: growth mixture
modeling, as described by Bollen and Curran (20086)¢ch uses an SEM framework to test
categorical groupings of trajectories that may itleee linear or quadratic in shape, and group-
based growth modeling, as described by Nagin (1999ich uses a similar approach but
assumes homogeneity within groups in order toldesteen-group differences that may be
linear, quadratic, or cubic. A strength of thesprapches is that both time-varying and time-
invariant covariates can be tested for their impaci the outcome variable, although the growth
mixture models test direct effects of covariatesaath wave on the outcome measures at each

wave, while the group-based growth models allowrigf the effects of the covariates on both
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the starting parameters and the trajectory shapexj@ressed by the linear, quadratic, and cubic
terms).

All three of these approaches have strengths amthtions, and, therefore, selection of
method is most appropriately driven by the thedrghange that is being tested. For the
purposes of this study, linear growth curve modglould be inappropriate given the life
course perspective, which suggests that a varfdrajectories may emerge based on the
cumulative experiences of individual respondentstHer, the ability to test cubic terms is
important, particularly for testing whether thedicial impacts of caregiving were significant
but short-lived — causing a short-term dip in nettiv with a subsequent rebound (which might
imply a cubic trajectory shape) — or if the effestsre more lingering (implying a linear or
guadratic shape). Therefore, the group-based growtieling approach was selected as best

suited to test the theory of change in wealth diesdrabove.

Study design

To understand how wealth trajectories differ betwearegivers and noncaregivers, and
among subgroups of caregivers, this study utildaa from a panel of respondents who were
not caregivers at the start of the study, but wécalme caregivers for a parent or parent-in-law at
some point during 10 years (6 waves) of observatidhese respondents were compared to
those who never became caregivers during the stundly,within caregivers, comparisons were
made by caregiver attributes such as gender aed Aaldlitionally, information about the types
of long-term care services being used by the @pient allowed for examination of how the
use of formal care services impacted the carediwezalth trajectories.

This investigation focuses on parental caregivadsreot spousal caregivers. There are
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several reasons for this design decision. Firsergal assets are not included in the caregivers’
household asset measure in the HRS. By contrasasies of spousal caregiving, the financial
impacts of the care recipient’s health status waa@lddonfounded with the financial impacts of
the caregiving experience. Further, there is soneace that there are meaningful differences
in caregiver outcomes depending on the relationghgaregiver to care recipient — for instance,
spousal caregivers tend to have more mental hedfitulties than parental caregivers (Pinquart
& Sorenson, 2003). Therefore, focusing on only type of caregiver/care recipient relationship
may avoid some of the confounding effects of rela&hip dynamicd.astly, because more than
50% of caregivers in this age range provide cara foarent or parent-in-law (NAC/AARP,
2009), concentrating on parental caregivers previdievant and useful information about the

caregiving experience for people aged 50 and above.

Sample

Data for this study is drawn from the Health andif@ment Study (HRS). The original
HRS cohort, sampled and surveyed in 1992, is amalty representative sample of individuals
born from 1931 to 1941, with oversampling for AieAmericans, Latinos, and residents of the
state of Florida (Heeriga & Connor, 1995). Survgvnespondents have been surveyed every two
years since 1992. The HRS has since expandedltmleénadditional cohorts of older adults so
that it now provides statistically representatiaenples of all U. S. households with adults aged
50 and above (Hauser & Willis, 2005). Designedditect information about financial status,
labor participation, and health within the houseblpthe HRS is now a leading source of
information about older adults in the United Stdtéational Institute on Aging, 2009).

Because of substantial variation in measuremeo&ugiving in the first three waves of
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HRS data collection, data for this study are dr&wm waves four through nine (1998-2008).
Inclusion criteria at baseline for this study wegd:respondents had a parent or parent-in-law
alive in 1998; (b) respondents were aged 51-6B881and (c) respondents were not caregivers
for a parent at baseline, as discussed above. Wexs23107 individuals meeting these criteria
in 1998. Including only noncaregivers at baselith@ngs for creation of a comparison group of
individuals who never became caregivers duringlthgears of observation in this study. Figure
2 shows the number of people at each wave whoifadehas caregivers for either a parent or
parent-in-law. It is expected that there will bgrsficant, but not complete, overlap of identified

caregivers from wave to wave.
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Figure 2. Description of Dissertation Sample
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Number of ADL caregivers in each wave
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Power Analysis.Power issues were considered for all analyseboAfh no specific test
of statistical power is available for latent growetlirve analysis, a data set with at least 300 cases
is generally considered to offer sufficient powear &nalysis (Andruff, Carraro, Thompson,

Gaudreau & Louvet, 2009).

Measures

Wealth. The dependent variable for all measures was theoreh of respondents’
households after accounting for debt, as descieémiv. Total dollar value, rather than the
amount of change as a percentage of total weadth,used because the total value allowed for
plots of trajectories of wealth to be created, \ipcovided added clarity for interpretation.

Construction of wealth measures varies quite alihe literature. This is an important
consideration, both because inclusion and exclusi@ertain types of assets may significantly
alter the findings. For instance, some studiefiéneiconomic literature include pensions, Social
Security contributions, and stock investments lmuhdt include housing equity (Shapiro, 2006);
similarly, business equity is not always includedme and business equity are often excluded
to keep the asset measure consistent with Medatigjidbility criteria or because they are not
always used as a source of income during retirerhemtever, borrowing against such equity
may be an important source of funds upon whichgiaees can draw during times of intense
caregiving, and therefore their value may be diyaotpacted by the caregiving experience.
Therefore, wealth was operationalized here asuhedf savings, pensions, investments, and
home and business equity, minus any debts repbytéae respondent. This is consistent with
studies on wealth by Attanasio and Hoynes (200&)nBermeier and Nagel (2001), Friedman

and Sjogren (1981), and King and Leape (1987).
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A second challenge with regard to measurementsgtass determining whether to
include income as part of a measure of overall éloolsi wealth. Certainly income is important
in determining ability to purchase formal care, ahthe same time having a higher amount of
income may allow some households to forego speraimgn assets or accumulating debt. For
these reasons, some studies in the economic literase household wealth — including both
assets and income — as the dependent variablen(SI8R9), while others break income and
wealth into separate categories, often lookingisttincome rather than at wealth. However,
since contribution to savings, pensions, and dtherstments is dependent in part on income,
adding the two may work as a measure of wealtlerfass-sectional analysis but may confound
the findings when used as a single dependent Varialbongitudinal studies. Thus, for the
purposes of this study, the sum of assets minuts aeds considered to be the relevant variable,
with an understanding that income, as an indepenagiable, was significantly correlated to
wealth.

In all analyses, the RAND imputations for thesaalales were used; the values were
converted to 2008 dollars using consumer pricexrabamversion values, then divided by the
number of wage earners included in the househatddar to account for the fact that assets and
debts were measured at the household level, whiyleckvariates, such as race and gender, were
measured at the individual level. In order to addiigsues of skewness, a log-transformation of
the wealth variable was used; Jpwvas chosen for ease of interpretation, althougkiseity
analysis with a natural-log transformation was alsoducted and did not result in significantly
different results. Because wealth ranges from megéd positive values, and includes zero
values, transformation was accomplished by addintp®ill values, taking the absolute value,

applying the logy transformation, and then reapplying the negatige when appropriate. The
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transformation improved the skewness and kurtasisidtically, as shown in Table 1. Although
the skewness and kurtosis of the transformed wealilable are still slightly outside the
preferred range, the LTA method is a semi-paramatralysis method, and is robust to non-
normality in the dependent variable (in fact, s@®mes non-normality).

Table 1. Measures of central tendency, dependeiatbla at baseline.

Range Mean Median Mode S.D. Skewness  Kurtosis
Assets, -$2,390,848.94 tq $251,767.35] $103,562.00 0 654,271 15.92 413.47
adjusted $20,976,253.30
Assets, -14.69 to 16.86 10.41 11.55 0 4.52 -3.20 10.61
Log,
Assets, -6.38 t0 7.32 4.52 5.02 0 1.96 -3.20 10.61
LoGio

Independent variables.Many of the major independent variables were wargant,
such as marital status, health, income, and carggstatus. Other variables, such as education
and ethnicity, were assumed to be invariant adioss Notes on the operationalization of each
measure within the survey are provided in Tabl€H& role and time-variance status of each
variable are also noted.

Caregiving status is a dichotomous variable geedray questions about whether the
respondent has spent at least 100 hours in théopse¥2 months providing personal assistance
with ADLs to a parent and/or step-parent. Thisxgezted to vary over time, but all respondents
will have a caregiving status of “no” or “0” at wawne. A separate measure of caregiving,
which measures assistance with “personal errands’activities generally classified as IADLs —
is also available in the dataset; for the purpodékis study, however, caregiving was
operationalized by the more restrictive definitafrproviding ADL care. Assistance with ADLs
is generally thought of as more intense and patynstressful than assistance with IADLs
because of the personal nature of ADL tasks (sadfathing and toileting). People needing

ADL assistance usually have a higher level of diggthan those who only need assistance
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with IADLs, and so it may be that caregivers whsistsa parent with ADLs experience higher
levels of stress, more impacts on work, and, tloeeefa larger negative impact on assets.

Other independent variables used in research gmestne and two are fairly standard
measures of demographic and socio-economic sthiese include race, gender, self-reported
health, education, marital status, and incomendusl be noted that the HRS dataset
oversamples African-American and Hispanic respotgjavhen sampling weights are applied,
analyses can test differences among Whites, Afrigaiericans, and Hispanics, but finer
distinctions cannot be tested. For this study,qretsvel weights from 1998, the first
observation point in the study, were used for mdllgses. Using the first-wave weights rather
than the last-wave weights allowed for the datanfevery original member of the sample to be
used, regardless of their dropout status in sulesgquaves.

Because time-invariant measures are included itréectory models as dichotomous
“risk factors,” race was dummy-coded into threehdtomous measures: White vs. other,
African-American vs. other, and Hispanic vs. otlfdso, because of similar methodological
limitations, marital status at each wave was redodt® a dichotomous measure of
married/partnered vs. unmarried. Those who wererded, widowed and never married were
collapsed into one group. Lastly, a similar transfation was applied to the time-invariant
measure of education: those with 12 years of edhrcat less were grouped together and
modeled against those with more than 12 years wfattbn.

For research question three, time-variant measafresregiving duration and intensity
are used. Duration is measured by summing the nuaildservations in which the respondent
reported providing care for a parent or step-paterd measures are used to capture those who

only provide ADL care and those who help with ADLADLSs, or both. These are crude
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measures of caregiving duration, since the actaal dates and end dates for caregiving

responsibilities are not known; however, variatiothis approximate measure of years spent

caregiving may still be meaningful in relation &tdnt asset trajectories. For the second

hypothesis, the effect of caregiving intensity isdeled using a continuous measure of the

number of hours of care provided during the presitwo years as reported by the respondent.

One important note is that, when respondents #reliy unsure about the number of hours of

care, some data on caregiving intensity are imphyeldRS staff based on respondents’ answers

to probes about hours of care.

Table 2. Description of Study Measures
Construct/Variable

Description/Question

Role

Wealth
Home equity Current value of your home, minus anowed on it. (continuous) | DV, time
variant
Pension/IRA Type and amounts in the top three pension plaostif@ous) DV, time
wealth variant
Investment wealth, Questions about stocks, boneasary bills, other investments. DV, time
(continuous) variant
Savings wealth Total amount in checking and savaageunts. (continuous) DV, time
variant
Business wealth Total value of business holdingsusamount owed. (continuous) DV, time
variant
Debt Seven items assess debt including type (ccadit, medical, life DV, time
insurance policy loans, loans from relatives) ambant owed. variant
(continuous)
Total Wealth (Assets — Debt) DV, time
variant
Employment Income from work for pay (continuous) IV, time
income variant
Non-employment | Questions re: amount of income from Workers’ Consadion, IV, time
income Unemployment Insurance, and SSI/SSDI (continuous) variant
Social Security | Amount of Social Security Income (not SSI or disiabi IV, time
income (continuous) variant
Total Income (Employment + Non-employment + Socigbecurity) IV, time
variant

Caregiving Experience
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provide an estimate of hours (Smith, 1995)

Caregiving status | Dichotomous based on responfedi@aving two questions: IV, time
variant

ADL assistance Did you or your partner/spouse semelast 100 hours in the past 1B/, time
months helping your mother or father (or step-pgnerth basic variant
personal activities like dressing, eating, and ingth

IADL assistance | Did you or your partner/spouse spend at least bo@shin the past 121V, time
months helping your mother or father (or step-pgreith other variant
things such as household chores, errands, traasiportetc.?

Caregiving Continuous measure, calculated by summing numbebsérvation | IV, time

duration points at which respondent was a caregiver foeatl100 hours in theariant
past 12 months

Caregiving Continuous measure of number of hours reportedch gvave; the | IV, time

intensity measure is imputed using hotbox imputation wheegigers do not |variant

Socio-Demographics

Age Respondent age at time of observation. IV, time
variant

Race Measured for each respondent at entry intsttitly, as determined biv, time
response to these two questions: “Do you considersglf primarily | invariant
white or Caucasian, Black or African American, @fieand “Do you
consider yourself Hispanic or Latino?”

Gender Measured dichotomously (male/female), antpist by the IV, time
interviewer rather than in response to an intervigsstion. invariant

Marital Status

Measured at each wave with a sefigsiestions based on status at

IV, time

is excellent, very good, good, fair, or poor?”

intake; measure is cleaned and imputed by RAND, and variant
operationalized as categorical with the followiragegories: Married,
Married/Spouse absent, Partnered, Separated, Baorc
Separated/Divorced, Widowed, Never Married.

Education Education is measured for each resporademitry into the study, as| IV, time
determined by response to this question: “Whateshighest grade ofinvariant
school or year of college you completed?” (contum)o

Self-rated health Health is assigned based onthehtespondent at each wave, as | IV, time
determined by response to this question: “Would @y your health | variant

Analytic Strategy

Data preparation and preliminary analyses In preparation for testing hypotheses, all

independent variables were examined to understeddistributions and to test for normality.

As described above, wealth measures were transtbusiag a logy transformation to address

skewness. Similarly, income measures were alssfosamed with a natural log. The RAND
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dataset was used whenever possible, which meanalithariables — except the measures of
caregiving status, duration and intensity — weeaiméd and imputed by RAND. In most cases,
this involved “logical imputation,” meaning thathen possible, missing answers are imputed
based on answers to related questions. For exarhalegspondent indicated that his or her
father had deceased in one wave, but values ®nmkasure were missing in subsequent waves,
the “deceased” status was carried forward (RANLL120

Imputed measures are not available for the camegivariables, and, because of the skip
patterns built into the HRS interviews, missingued in caregiving present something of a
challenge. Respondents were asked at each wavaevlteey provided 100 or more hours of
care to their mother or father (or step-mother anstiep-father) in the past 12 months. The first
set of questions refers to “personal care suchiessohg, eating, or bathing;” a second set of
guestions refers to “other things such as housettades, errands, transportation, etc.”
Respondents were given opportunities to list migtgare recipients in all cases, and details
about the care, including an estimate of the nurablours of care provided, were obtained for
each care recipient. Response options for thalméregiving questions at each wave include
“yes,” “no,” “don’t know,” and “refused.” The meases were set to missing during the interview
if the interview was truncated or if a skip patteras invoked — that is, when a question was
deemed “inapplicable” for a number of reasons, Wimcluded situations in which the parents
had been marked deceased in a prior wave, therdgsdjrespondents for family questions was
not available, or the interview was incompletedtrer reasons. As a result, there is a large
number of values in each wave that are set to ngsbut some values are missing at random
while others are attributable to parent mortakigr the purposes of this study, all missing cases

are left as missing, and the few respondents wewared “don’t know” or who refused to
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answer the question were recoded to “missing” db e discussed below, adjustments for
missingness due to parent mortality are addressetbdel building rather than through
imputation.

With the exception of missing values in the carggj\questions, most missingness in the
dataset is attributed to death or respondent dubpAdtrition by death was responsible for less
than 3% of attrition at each wave, as illustratedable 3. Latent trajectory analysis is robust to
missing values when they are MAR or missing conghyedt random, as long as values are
available for at least one wave for each caseifnsituation, the underlying latent data structure
is analyzed with maximum likelihood estimation ugthe available observed values (Bollen &
Curran, 2006). Because missingness in the carepualues is not missing at random — that is,
the reason for some missingness is attributabp@atent mortality or respondent drop-out —
variables that correlate with this observed missasg are included: one variable for wave
participation is included to account for wave-towealrop out, and one variable indicating
whether there is at least one living parent isudet to account for missingness due to the
“inapplicability” of the question (Ferrer, Hamagarand McArdle, 2009). Values for these two
dummy variables are included in the table belowhiuld be noted that the combined sum of
these two variables is slightly higher than thesimig value for caregiving at each wave because,
if the parent died in the two years since theilastrview, questions about caregiving within

those two years are still asked.
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Table 3. Missing values by variable and wawe=3107)

Wave 1 Wave 2 Wave 3 Wave 4 Wave 5 Wave 6
Respondent not present 0 241 327 457 560 646
in wave (7.76%) (10.52%) (14.71%) (18.02%) (20.79%)
Missing by death 0 27 75 120 178 250
(cumulative) (0.87%) (2.41%) (3.86%) (5.72%) (8.05%)
Missing by death 0 27 48 45 55 72
(wave-to-wave attrition) (0.87%) (1.56%) (1.48%) (1.84%) (2.46%)
Age 0 241 327 457 560 646
Race 0 - - - - -
Gender 0 - - - - -
Education 8 - - - - -
Health 0 242 330 458 562 647
Marital Status 3 245 332 459 560 646
Wealth 0 242 330 458 562 647
Income 0 242 330 458 562 647
Caregiving
= missing| 1 4 7 3 3 3
=n/al 0 292 739 1249 1644 2014
Dummy variables used to account for missingness
All parents are deceased 372 787 1094 1373 1583
(O=deceased (13.17%) (28.76%) (41.95%) (54.77%) (65.31)
Respondent not in wave0 241 327 457 560 646
(O=not in wave) (7.76%) (10.52%) (14.71%) (18.02%) (20.79%)

Hypothesis testing Latent trajectory analysis (LTA), or group-baseddeling of
development, is a semi-parametric approach thadrigcularly well suited to questions about
how longitudinal trajectories differ among grougsases (Nagin, 1999; Andruff, et al., 2009),
and will therefore be applied to all research goest LTA is performed with SAS ®, version
9.3 for Windows (SAS Institute, Cary, NC, 2012)ingsan application called PROC TRAJ,
which is available from the Carnegie Mellon Univgrsvebsite (Jones, 2012). Unlike standard
growth modeling, which averages trajectories ohirtliial cases to establish a typical pattern of
change over time and then calculates the degreditdh individual cases vary from the group
mean, LTA is designed to group cases into sevéifalent patterns based on specified
differences between groups (Nagin, 1999). Thisisiqularly useful when the expectation is
that between-group differences will result in tciggies of different shapes (Andruff, et al.,

2009). For instance, for some hypotheses, it ieebgal that wealth will continue to accumulate
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for some categories of caregivers, while at theesame wealth will decrease or remain flat for
others. LTA is designed to be sensitive to sucimghs, while standard growth modeling
techniques would average the groups and could paligrreport insignificant findings as a
result. Additionally, the method allows for testiofysignificance of quadratic and cubic terms
when at least four observation points are availakltech allows for analysis of groups for which
assets may follow a complex, non-linear path. Grasgignments are based on probabilities of
group membership and should not, therefore, bepreéted as fixed or definite; however, post-
hoc analyses can be performed to determine chasid of the groups based on respondents’
probable group membership.

Because of the heterogeneous and continuous rafturealth’s distribution across the
population at each wave, tests of model fit with ghoup-based modeling approach can be
misleading (Tyson Brown, personal communication;.@ 2012). PROC TRAJ assumes that
the dependent variable’s distribution is not notyndistributed, but rather, that its distributian i
best explained as homogenous within groups. THRE®TRAJ requires users to specify the
number of group being tested in each model, argt@agys are added, the Bayesian Information
Criterion (BIC) for the two models are compareewaluate model fit. Modeling wealth using
this technique can be difficult; although wealtmat normally distributed — and the distribution
may be explained in part by natural groupings tlaat be estimated as a function of exogenous
predictors — the “true” number of groups that exptae non-normal distribution may be quite
large because of the large range and heterogendhg wealth measures. Therefore, adding
groups to the model often produces better modelBh when the percentage of respondents
assigned to each groups drops to a very small nurAbe result, the BIC test may indicate that

a model with N groups may fit the data better taanodel with N-1 groups, even when only one
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or two respondents fall into the Nth group. Therefonodel fit must be assessed both by
comparing BIC scores and by making subjective dmtssbased on theory and the degree to
which groups have enough cases to be substantivedyingful.

An example of the syntax used to estimate modelthfs study is provided in Figure 3,
below. In this example, a three-group model is gigek; the intercepts and linear, quadratic, and
cubic slopes of the assets trajectories are esttngging the log transformation of wealth at
each wave (LOGGASSETSx), which are modeled agaitiste-varying dummy variable,
INTYEARX, which represents time. Caregiving statdbLXx), the response status dummy
variable (INWx), and the parent mortality statusnehay variable (WXPARENT), are included as
time-varying covariates (TCOV) of assets, whiledmn(RAGENDER) is a time-invariant “risk
factor” or exogenous predictor of the latent partarge The ID variable points to the case
number for each respondent, and the WEIGHT varigbiets to the individual-level weights in
the first wave. (Using starting weights rather tleaning weights allows for inclusion of
respondents who dropout in later waves.) In theehsthtement, the censored normal
distribution of the dependent variable is specifisero-inflated Poisson or Bernoulli
distributions are also supported in PROC TRAJ. iitmaber of groups to be modeled is
specified by NGROUPS, and the linear, quadratid,abic slopes to be estimated are specified
in the ORDER statement. In this case, cubic slapegested for groups 1 and 2, but not for
group 3. Though not shown here, start values fon @hthe parameters in the model can be

specified in advance to facilitate model estimation
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Chapter 4. Results

Description of sample and results of univariate angses.As shown in Table 4,
application of inclusion criteria resulted in a gdensize of 3107 respondents, of whom 65%
(n=2019) were female. Ages ranged, per inclusiderea, from 51 to 67, with a mean age of
57.12. Respondents’ education ranged from 0O toehrsy with a mean of 12.81 years and a
median of 12 years. Roughly 75% (n=2326) of respatslwere White/Non-Hispanic, while
15% (n=259) were African-American and 8% (n=454)avdispanic; 68 respondents, or 2%,
identified as another race. Approximately 18% (rm3S®spondents reported excellent health at
Wave 1, while just over 22% (n=694) reported faipoor health. Three-fourths of respondents
(n=2298, 74%) were married or partnered at baseihde 713 (23%) were divorced or
widowed and 93 (3%) were never married. Respondedsa mean adjusted income of $51,428
(median = $36,280) at baseline, with a range db$$6,213,510. The mean adjusted wealth
value at baseline was $251,767 (median = $103,56f),a range of -$2,390,849 to
$20,976,253. A full summary of descriptive statistat baseline is included in Table 4.
Additionally, a chart depicting comparisons of batadian and mean values of wealth (adjusted
to 2008 dollars, divided by the number of houselhadde earners, and multiplied by sample
weights) is shown in Figure 4. Caregivers and nanegivers show remarkably similar wealth
patterns when depicted in this way.

Because of the wide range and presence of extrethers in the dependent variable,
additional analysis of the five highest and lowastes was conducted. The values for wealth in
these cases are consistent with values in priosabhdequent waves, and seem congruent with

other data related to each case. Thus, these vale&stained.
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Table 4. Description of Sample at Baseline

Wave 1 Wave 2 Wave 3 Wave 4 Wave 5 Wave 6
N= 3107 2866 2780 2650 2547 2461
Time-invariant covariates (frequencies)
Gender 1088
(35% male)
2019 (65%
female)
Education (recoded)
>12yrs. | 1649 (53%)
<12yrs. | 1458 (47%)
Race
White =| 2374
(81.47%)
African- | 409
Am.= | (14.04%)
Other =| 131 (4.50%)
Time-varying dependent variable(means, with standard deviations)
Wealth $233,978.33| $258,305.31| $258,483.16| $289,093.48| $347,664.79 | $306,052.16
(adjusted) | (811,247.23) (754,185.05)| (673,649.14) (971,340.11)| (1,461,104.16) (845,946.16)
Wealth 4.48 (1.90) 4.54 (1.85) 4.55 (1.88) 447 (2.08) 04X%K08) 4.54 (2.14)
(logiq)
Time-varying covariates(means/standard deviations, or frequencies)
Age 60.82 62.69 64.59 66.52 68.46 70.30
(29-97; (31-99; (34-102; (37-104; (40-105; 5.45)| (39-107;
5.61) 5.60) 5.56) 5.51) 5.44)
Health
Excellent | 550 (18%) 517 (18%) 439 (16%) 372 (14% 340 (13%)| 52 @.0%)
Very Good | 970 (31%) 1001 (35%)| 928 (33%) 823 (31% 829 (33%)| 778 (32%)
Good | 893 (29%) 771 (27%) 816 (29%) 840 (32% 773 (30%)| 29 @84%)
Fair | 488 (16%) 340 (12%) 424 (15%) 444 (17% 420 (16%)| 20 @L7%)
Poor | 206 (7%) 175 (6%) 170 (6%) 170 (6%) 183 (7%) 1B%)
Marital Status
Married/ | 2298 (74%) | 2104 (73%)| 2006 (72% 1891 (71%) 17984)/ 1670 (68%)
partnered
Divorced/ | 713 (23%) 672 (23%) 697 (25%) 681 (26% 686 (27%)| 20 [29%)
Widowed
Never | 93 (3%) 86 (3%) 76 (3%) 76 (3%) 68 (3%) 71 (3%)
married
Income $37,902.76 | $38,067.46 | $36,693.43 | $39,461.70 | $40,324.33 $40,787.29
('”g_eaft‘,d) (81,000.94) | (78,479.66) | (83,884.68) | (68,012.02) | (181,663.51) | (462,910.68)
adjuste
I(?co;ne 10.05(1.21)| 10.04 (1.23 10.03 (1.21) 10.59 (1.3@0.06 (1.19) 10.03 (1.27
0Qe
Caregiving
=n/a|0 292 (10%) 739 (26%) 1249 (45%) | 1644 (65%) 2014 (82%)
=no | 2914 (94%) | 2041 (71%)| 1266 (44% 918 (33% 690 (R7% | 497 (20%)
=yes| 0 553 (19%) 428 (15%) 407 (15%) 347 (14%) 289 (129
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Care

Intensity 0

(# of hrs.)

5433 (509¢

5716 (4937)

5822 (5091

6498 (505&

6039 (4922)

Care Duration

=0 3107 (100%) 2819(91% | 2597 (84%) | 2438 (78%)] 23285% | 2234 (72%)
=1]- 200(9%) | 448 (14%) | 522 (17%) | 574 (18%) | 625 (20%)
=2- - 62 (2%) 130 (4%) 147 (5%) | 166 (5%)
=3 - 3 - 17 (1%) 51 (2%) 62 (2%)
=4 - 3 - - 7 (0%) 18 (1%)
=5]- - - - - 2 (0%)

Figure 3 Comparison of WeighteWealth Values for Caregivers (CG) and

Non-caregivers (NCG)
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Analysis of all research questions was conductetyuibe PROC TRAJ procedure

SAS ® version 9.3 (SAS Institute, Inc., Cary, NO12). Models were tested with specificati

of 2, 3, 4, 5, and 6 groups. To refine these moaealsh was originally estated with linear
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guadratic, and cubic terms along with the per-wagponse indicator, the parent mortality status
indicator, and the covariate(s) of interest. Patansevere evaluated for significance, and using
the original model’s start values, models weregtngated without the non-significant cubic and
guadratic terms. This process was continued umtibedel was identified in which all non-
significant parameter estimates for the assetdi@jg were eliminated, leaving only estimates

for relevant trajectory terms and covariates, aéageall non-significant intercepts and linear
parameters. BIC statistics for each of these fimadlels were compared and model fit was
assessed using a combination of these fit statiatid substantive significance of the groups
identified. For the first question, all models al®mwn with an explanation how the best fitting
model was selected. For subsequent hypothesesthenbest fitting model is presented and

discussed; other models that were tested are iedludAppendix A.

Research question 1. Does caregiving affect wealtlajectories?

Hypothesis 1.1: Caregiving will be significantly ad negatively associated with
wealth trajectories. This question was tested by modeling trajectarsfegealth with the time-
varying, dichotomous measure of caregiver statws@s/ariate. A summary of the model results
is included in Tables 5-9. In each model, caregj\atatus is negatively associated with at least
one group’s trajectory, meaning that caregivingusthas a negative impact on the overall
trajectory of wealth. As the summary indicatessfétistics continue to improve as groups are
added to the model; however, the magnitude ofalgekt group remains relatively stable — with
an overwhelming majority of respondents experiegeinelatively stable, flat trajectory of
wealth over time. Thus, adding groups serves b th@ remaining group of respondents into

increasingly smaller groups, with each resultingugrrepresented by a very different trajectory.
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As predicted, the cubic term is significant witHedst one, and often more, groups per model. In
general, the cubic term was usually significantthe group in which caregiving was also
significant, meaning that this group experiencesanolatility in wealth over time than groups
for which caregiving is not significant. This sugtgethat the hypothesis is supported, with
caregiving having a significant and negative impgactvealth trajectories for at least a small
percentage of respondents regardless of the nuohlgeoups specified.

It is interesting to note that in some of the megdphrent mortality status is also
significantly associated with the wealth trajectofysome groups. In a few cases, this
significance occurs simultaneously with caregivengnificance, such that the death of a parent is
associated with a drop in wealth for groups wharegiving is also associated with a drop in
wealth. For other groups, parent status has thesigpeffect, such that the death of a parent is
positively associated with wealth. It may be tlatthis group, the death of a parent results in a
bequest that positively impacts the wealth trajgcto

Also of note is the fact that using a dummy vaediol represent sample attrition causes
the intercepts of most groups to be highly non4ficant — in many cases, wifh~= 1. This
occurs because the t-tests assess whether thefonesach group is significantly different from
0, and in groups with high attrition, the meankslly to be close to 0. Therefore, despite the
non-significance of the intercepts, the overall glecind slope parameters may still be
interpreted.

A model with four groups fit best, with the trajent of Group 2 significantly impacted
by caregiving status. Caregiving status was negigti¥ssociated with this group’s trajectory,
meaning that caregivers were likely to have a lotnagectory than noncaregivers in this group.

Roughly 4.3% of respondents were assigned to thigpgbased on confidence intervals.
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Table 5. 2-group model

Parameter B SE. P
Group 1 Intercept 2.24 58.04 .97
Linear 0.11 0.12 .36
Caregiving (Yes=1) -1.78 0.61 .00
Respondent in wave -1.17 58.01 .98
(Yes=1)
Parent living (Yes=1) -0.60 0.53 .26
Group 2 Intercept 5.40 1.93 .01
Linear 0.15 0.03 .00
Caregiving (Yes=1) -0.02 0.00 .00
Respondent in wave -0.51 0.65 43
(Yes=1)
Parent living (Yes=1) -0.06 0.03 .06
Sigma 1.38 0.04 .00
BIC =-23319.81 (N = 3092)
Table 6. 3-group model
Parameter B S.E. p
Group 1 Intercept 3.22 5.05 0.52
Linear -1.57 0.58 0.01
Quadratic 0.18 0.09 0.04
Caregiving -1.85 0.56 0.00
Respondent in wave 0.44 4.11 0.92
Parent living -0.24 0.81 0.77
Group 2 Intercept -4.86 134.20 0.97
Linear 13.98 1.18 0.00
Quadratic -3.45 0.38 0.00
Cubic 0.27 0.04 0.00
Caregiving 0.20 0.45 0.72
Respondent in wave -9.52 135.88 0.94
Parent living 0.30 0.44 0.50
Group 3 Intercept 5.80 2.48 0.02
Linear 0.07 0.02 0.00
Quadratic -0.01 0.00 0.05
Caregiving -0.02 0.04 0.71
Respondent in wave -0.74 3.39 0.83
Parent living -0.07 0.03 0.03
Sigma 1.23 0.04 0.00
BIC =-22217.07 (N = 3092)
Table 7. 4-group model
Parameter B SE. p
Group 1 (3.63%) Intercept -6.30 643.03 0.99
Linear 14.58 14.58 0.00
Quadratic -3.61 -3.61 0.00
Cubic 0.29 0.29 0.00
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Caregiving 0.17 0.55 0.76
Respondent in wave -8.72 643.94 0.99
Parent living 0.42 0.45 0.35
Group 2 (4.28%) Intercept 6.33 26.62 0.81
Linear -7.03 1.80 0.00
Quadratic 2.26 0.59 0.00
Cubic -0.22 0.06 0.00
Caregiving -1.68 0.60 0.01
Respondent in wave 2.42 28.05 0.93
Parent living -2.54 0.65 0.00
Group 3 (3.73%) Intercept 0.67 1244.73 1.00
Linear 6.28 2.44 0.01
Quadratic -2.71 0.82 0.00
Cubic 0.30 0.08 0.00
Caregiving -0.51 0.50 0.31
Respondent in wave -4.74 1246.69 1.00
Parent living 3.90 0.97 0.00
Group 4 (88.35%) Intercept 5.96 192.22 0.98
Linear 0.10 0.02 0.00
Quadratic -0.01 0.00 0.00
Caregiving 0.00 0.04 0.98
Respondent in wave -0.95 192.21 1.00
Parent living -0.03 0.03 0.24
Sigma 1.14 0.03 0.00
BIC = -23319.81 (N = 3092)
Table 8. 5-group model
Parameter B s.d. p
Group 1 (2.73%) Intercept 0.76 187.10 1.00
Linear 0.12 0.16 0.50
Caregiving -1.81 0.95 0.01
Respondent in wave -1.40 187.02 1.00
Parent living -0.74 0.88 0.43
Group 2 (3.46%) Intercept -5.62 151.99 0.97
Linear 15.64 1.14 0.00
Quadratic -3.99 0.36 0.00
Cubic 0.32 0.03 0.00
Caregiving -0.42 0.44 0.39
Respondent in wave -9.03 151.29 0.96
Parent living -0.32 0.27 0.24
Group 3 (87.36%) Intercept 4.85 217.66 0.98
Linear 0.08 0.02 0.00
Quadratic -0.01 0.00 0.20
Caregiving -0.00 0.04 0.88
Respondent in wave 0.18 217.66 1.00
Parent living -0.02 0.03 0.35
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Group 4 (2.75%) Intercept 10.72 86.48 1.00
Linear -14.73 2.42 0.00
Quadratic 5.10 0.76 0.00
Cubic -0.52 0.10 0.00
Caregiving -1.78 1.62 0.27
Respondent in wave 4.81 4195.50 1.00
Parent living -1.61 0.85 0.06
Group 5 (3.70%) Intercept 2.34 6528.09 1.00
Linear 5.76 2.13 0.01
Quadratic -2.63 0.76 0.00
Cubic 0.30 0.08 0.00
Caregiving -0.66 0.54 0.23
Respondent in wave -4.82 6526.67 1.00
Parent living 2.90 1.10 0.01
Sigma 1.08 0.03 0.00
BIC = -20948.13 (N = 3092)
Table 9. 6-group model
Parameter B s.d. p
Group 1 (2.70%) Intercept 187.10
Linear 0.16
Caregiving 0.95
Respondent in wave 187.02
Parent living 0.88
Group 2 (3.55%) Intercept -5.71 152.00
Linear 15.54 1.14
Quadratic -3.99 0.36
Cubic 0.32 0.03
Caregiving -0.31 0.44
Respondent in wave -8.76 151.29
Parent living -0.34 0.27
Group 3 (86.76%) Intercept 4.58 217.66
Linear 0.08 0.02
Quadratic -0.01 0.00
Caregiving 0.00 0.04
Respondent in wave 0.45 217.67
Parent living -0.02 0.03
Group 4 (3.65%) Intercept 9.00 86.48
Linear -10.63 2.42
Quadratic 3.52 0.76
Cubic -0.35 0.07
Caregiving -0.11 2.09
Respondent in wave 3.80 84.81
Parent living -1.41 1.03
Group 5 (2.73%) Intercept 0.19 16912.33
Linear 9.82 3.52
Quadratic -4.07 1.16

60




Cubic 0.44 0.11
Caregiving -0.51 0.75
Respondent in wave -6.08 16908.82
Parent living 3.62 1.11
Group 6 (0.60%) Intercept 12.66 349.69
Linear -9.93 0.95
Quadratic 1.72 0.16
Caregiving -6.61 1.57
Respondent in wave 5.32 349.96
Parent living -6.91 0.55
Sigma 1.06 0.03

BIC =-20794.69 (N = 3092)

Because the size of groups continues to decredse B&o when five or more groups are
modeled, the 4-group model is deemed best, even WieeBIC statistic improves with
additional groups. A graph of the estimated trajees that correspond with the four-group
solution is provided in Figure 6. In the figureettlashed lines indicate predicted trajectories,
while the corresponding solid line shows the tri@jacthat best fits the observed measures. In
general, as discussed above, intercepts are notisagt. However, parameter estimates of the
shape of the trajectories are significant, whichgasts that while the starting points of the
trajectories may not be predicted by these motigdspverall shape of the trajectories, and the

relationship of the covariates to the trajectories) be interpreted.
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Figure 4. Wealth trajectories with a 4-group model

WEALTH TRAJECTORIES BY WAVE

COVARIATE: CAREGIVING

LOG of WEALTH
6.00
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Research question 2: Do caregivers’ wealth trajectaes vary by caregiver attributes?
Hypothesis 2.1: Female caregivers will experienceapter negative change in wealth
trajectories over time than men.To test this hypothesis, gender was added toréaqus
model by identifying it as a time-invariant “riskictor. Interestingly, gender was not a
significant predictor of membership in any of thhewps identified in the 4-group model. In fact,
gender only emerged as a significant predictoofa group in the 5-group model, and not for
any groups in the smaller models. This findingasteary to findings in other studies on wealth
and gender. Caregiving remains significantly angatigely related for one group in this model
(#=-1.69, S.E.= 0.61p=.01). Based on fit statistics and the size of geom the larger models,

a four-group solution is presented here.
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Table 10. 4-group model with gender as risk factor

Parameter B SE. p
Group 1 (3.7%) Intercept -6.29 527.45 0.99
Linear 14.63 1.73 0.00
Quadratic -3.64 0.60 0.00
Cubic 0.29 0.06 0.00
Caregiving 0.17 0.54 0.76
Respondent in wave -8.71 528.49 0.99
Parent living 0.44 0.46 0.34
Risk: Female| Constant 0.00 -- -
Group 2 (4.3%) Intercept 6.30 30.24 0.84
Linear -7.04 2.00 0.00
Quadratic 2.26 0.63 0.00
Cubic -0.22 0.06 0.00
Caregiving -1.69 0.61 0.01
Respondent in wave 2.38 32.10 0.94
Parent living -2.52 0.77 0.00
Risk: Female| Constant -1.17 0.91 0.20
Gender 0.82 0.55 0.13
Group 3 (3.7%) Intercept 0.74 111.43 0.99
Linear 6.18 2.88 0.03
Quadratic -2.68 0.94 0.00
Cubic 0.30 0.09 0.00
Caregiving -0.51 0.51 0.32
Respondent in wave -4.67 99.50 0.96
Parent living 3.87 1.13 0.00
Risk: Female| Constant -0.72 0.65 0.27
Gender 0.47 0.38 0.22
Group 4 (88.3%) Intercept 5.96 6.93 0.39
Linear 0.10 0.02 0.00
Quadratic -0.01 0.00 0.00
Caregiving 0.00 0.04 0.99
Respondent in wave -0.95 8.24 0.91
Parent living -0.03 0.03 0.25
Risk: Female| Constant 2.60 0.54 0.00
Gender 0.37 0.34 0.27
Sigma 1.14 0.03 0.00

BIC =-21505.10 (N = 3092)
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Figure 5. Graph of trajectories in 4-group modehvgender as risk factor.

WEALTH TRAJECTORIES BY WAVE
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Hypothesis 2.2: Race/ethnicity will significantly pedict membership in groups for
whom caregiving significantly and negatively impact wealth trajectories.Similar to the
models with gender, this hypothesis was testedddyng race as a risk factor. Models with the
dichotomous measure of White/non-Hispanic vs. O#nerpresented here, although models with
other dichotomous categorizations of race (Afriéanerican vs. Other, and Hispanic vs. Other)
had similar findings. For all groups, race was sigantly related; Whites were less likely to be
members of group (= -1.10, S.E.= 0.34<.01) and group 34(= -0.83, S.E.= 0.35=.02),
and more likely to be members of grougp4=(-0.70, S.E.= 0.2p=.01). Caregiving was also
significantly and negatively associated with theltletrajectory of group 28(= -1.67, S.E.=
0.60,p=.01), indicating that African-Americans and Hisjggnvere more likely to be members
of the group for whom caregiving had a negativeantpSince group 4 is the group with the

highest and most stable trajectory relative todter groups, the finding that Whites are more
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likely to be members of this group is also consistth theory and findings in other studies.
The graph of trajectories is not included here bhsedhe trajectories of all four groups are the

same shape as in the chart presented for HypothdsiSee Figure 7.

Table 11. 4-group model with White/Non-Hispaniaiak factor

Parameter B S.E. p
Group 1 (3.6%) Intercept -6.32 3642.40 1.00
Linear 14.60 1.30 0.00
Quadratic -3.61 0.44 0.00
Cubic 0.27 0.04 0.00
Caregiving 0.16 0.55 0.77
Respondent in wave -8.73 3638.26 1.00
Parent living 0.42 0.45 0.35
Risk: White=1| Constant 0.00 -- --
Group 2 (4.3%) Intercept 6.35 11.19 0.57
Linear -7.03 1.75 0.00
Quadratic 2.25 0.58 0.00
Cubic -0.22 0.06 0.00
Caregiving -1.67 0.60 0.01
Respondent in wave 2.44 12.04 0.84
Parent living -2.57 0.62 0.00
Risk: White=1| Constant 0.84 0.27 0.00
Race -1.10 0.34 0.00
Group 3 (3.8%) Intercept 0.72 1649.76 1.00
Linear 6.19 2.04 0.00
Quadratic -2.68 0.70 0.00
Cubic 0.29 0.07 0.00
Caregiving -0.54 0.50 0.28
Respondent in wave -4.69 1648.34 1.00
Parent living 3.85 0.90 0.00
Risk: White=1| Constant 0.58 0.29 0.04
Race -0.83 0.35 0.02
Group 4 (88.3%) Intercept 5.96 47.29 0.90
Linear 0.10 0.02 0.00
Quadratic -0.01 0.00 0.00
Caregiving -0.00 0.04 0.97
Respondent in wave -0.95 47.28 0.98
Parent living -0.03 0.03 0.21
Risk: White=1| Constant 2.64 0.23 0.00
Race 0.70 0.27 0.01
Sigma 1.14 0.03 0.00

BIC =-21441.72 (N = 3092)
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Hypothesis 2.3: Education will significantly predi¢ membership in groups for
whom caregiving significantly and negatively impact wealth trajectories.In order to assess
the impact of education, the measure of a respdisdgrars of education was recoded as a time-
invariant, categorical risk factor, with O signifig 12 years or less of education, and 1 indicating
more than 12 years of education. The four-groupehprbvided the best fit statistics while also
producing groups that were large enough to be mgéari Education was significantly and
negatively related to membership in grougg2=(-0.89, S.E.= 0.4(h=.03), indicating that those
with more than a high school education were ldsg\lito be members of this group. Group 2
was also the group for which caregiving was sigatfitly and negatively relatefl € -1.63,
S.E.=0.62p=.01), which suggests that education may be plgteagainst the negative impacts
of caregiving on wealth trajectories. As with rattee graph of trajectories is not included here
because the trajectories of all four groups areséftme shape as in the chart presented for
Hypothesis 2.1. See Figure 7 on page 62 for tleaak graph.

Table 12. 4-group model with education as riskdact

Parameter S.E. p
Group 1 (3.6%) Intercept -6.33 123.08 0.96
Linear 14.64 1.53 0.00
Quadratic -3.63 0.52 0.00
Cubic 0.29 0.05 0.00
Caregiving 0.16 0.54 0.77
Respondent in wave -8.74 124.06 0.94
Parent living 0.42 0.45 0.35
Risk: Education| Constant 0.00 - --
Group 2 (4.3%) Intercept 6.30 29.64 0.83
Linear -6.46 1.83 0.00
Quadratic 1.99 0.61 0.00
Cubic -0.19 0.06 0.00
Caregiving -1.63 0.62 0.01
Respondent in wave 2.39 30.83 0.94
Parent living -2.88 0.51 0.00
Risk: Education| Constant 0.49 0.23 0.03
Education -0.89 0.40 0.03
Group 3 (4.1%) Intercept 1.11 1318.20 1.00
Linear 3.24 2.84 0.25
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Quadratic -1.47 1.12 0.19
Cubic 0.16 0.12 0.20
Caregiving -0.29 0.80 0.72
Respondent in wave -4.30 1315.89 1.00
Parent living 5.00 0.63 0.00
Risk: Education| Constant 0.32 0.28 0.26
Education -0.48 0.35 0.17
Group 4 (88.1%) Intercept 5.96 4.29 0.16
Linear 0.08 0.03 0.01
Quadratic -0.01 0.01 0.31
Caregiving -0.00 0.04 0.91
Respondent in wave -0.95 4.47 0.83
Parent living -0.02 0.03 0.47
Risk: Education| Constant 3.07 0.17 0.00
Education 0.24 0.27 0.37
Sigma 1.14 0.03 0.00

BIC = -21474.54 (N = 3092)

Hypothesis 2.4: Caregivers’ health will be signifiantly and negatively associated
with wealth trajectories in groups with whom caregving is also significantly and negatively
associated Self-reported health, a time-varying, categorinahsure, was added as a covariate
to the models. As in the prior cases, the four-gnmodel provided the best balance between
maximizing fit statistics and maintaining large agb sizes. The graph of trajectories is
provided in Figure 8, with a summary of statistit3 able 13. With health added into the model,
there remains one group for whom caregiving isiant, and the relationship is negatively
associated with the wealth trajectopy=-1.95, S.E.= 0.53<.01). Health is significantly and
negatively significant for this group as well£ -0.58, S.E.= 0.24=.01), indicating that as
health ratings decrease, wealth also decreasesharedmay be a compounding effect between
caregiving and health. Health is significantly aredjatively related to all four groups, as

expected.
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Table 13. 4-group model with health as a covariate.

Parameter B S.E. p
Group 1 (3.32%) Intercept -5.49 154.69 0.97
Linear 12.41 1.50 0.00
Quadratic -3.51 0.49 0.00
Cubic 0.28 0.05 0.00
Caregiving -0.10 0.62 0.87
Health -0.29 0.14 0.04
Respondent in wave -7.90 155.71 0.96
Parent living -0.45 0.47 0.33
Group 2 (6.54%) Intercept 6.02 1.47 0.00
Linear -1.83 0.47 0.00
Quadratic 0.22 0.07 0.00
Caregiving 0.44 0.38 0.24
Health -0.37 0.09 0.00
Respondent in wave 2.11 0.51 0.00
Parent living -1.69 0.39 0.00
Group 3 (86.31%) Intercept 5.41 0.21 0.00
Linear 0.10 0.01 0.00
Quadratic -0.01 0.00 0.00
Caregiving 0.02 0.03 0.54
Health -0.16 0.01 0.00
Respondent in wave -0.01 0.22 0.98
Parent living -0.03 0.02 0.14
Group 4 (3.82%) Intercept 4.37 16.27 0.79
Linear -0.41 0.16 0.01
Caregiving -1.95 0.53 0.00
Health -0.58 0.22 0.01
Respondent in wave -2.55 16.03 0.87
Parent living 1.33 0.61 0.30
Sigma 1.13 0.03 0.00

BIC =-21370.61 (N = 3092)
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Figure 6. Graph of trajectories for 4-group heatfihdel.
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Hypothesis 2.5:Marital status will significantly predict membership in groups for
whom caregiving significantly and negatively impact wealth trajectories.Marital status was
added to the model as a dichotomous measure in wrdeodel changes in status over time;
since categories of marital status are not ordaahore discriminating measure could not be
incorporated into the model. As a result, all thad® are single, regardless of previous marital
history, are categorized together. When this dmmatus measure is added to the model, it is
significantly and positively associated with thewgp trajectories of Group g € 2.69, S.E.=
0.33,p<.01), Group 3£ =0.24, S.E.= 0.09<.01), and Group 48(= 0.63, S.E.= 0.25=.01),
indicating that being married is associated witljhler asset trajectories than being divorced,
widowed, or never married. At the same time, tigaificance of caregiving disappears from the

four-group model (though the significance of cavew) re-emerges in the five-group model).
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Table 14. 4-group model with marital status as dava

Parameter B S.E. p
Group 1 Intercept -6.28 50.76 0.90
Linear 14.73 1.14 0.00
Quadratic -3.69 0.36 0.00
Cubic 0.30 0.03 0.00
Caregiving 0.18 0.57 0.76
Marital Status -0.21 0.32 0.50
Respondent in wave -8.69 50.98 0.86
Parent living 0.58 0.47 0.22
Group 2 Intercept 5.74 12.37 0.64
Linear -6.92 1.30 0.00
Quadratic 2.21 0.55 0.00
Cubic -0.21 0.05 0.00
Caregiving -0.65 0.56 0.25
Marital Status 2.69 0.33 0.00
Respondent in wave 1.83 13.09 0.89
Parent living -2.23 0.50 0.00
Group 3 Intercept 5.14 4.93 0.30
Linear 0.08 0.02 0.00
Quadratic -0.01 0.00 0.02
Caregiving 0.02 0.03 0.52
Marital Status 0.24 0.05 0.00
Respondent in wave -0.28 4.91 0.96
Parent living -0.04 0.03 0.17
Group 4 Intercept 0.67 1173.84 1.00
Linear 6.13 2.14 0.00
Quadratic -2.60 0.78 0.00
Cubic 0.28 0.08 0.00
Caregiving -0.53 0.47 0.26
Marital Status 0.63 0.25 0.01
Respondent in wave -6.25 1173.36 1.00
Parent living 5.31 0.59 0.00
Sigma 1.12 0.03 0.00

BIC =-23319.81 (N = 3092)
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Figure 7. Graph of trajectories for 4-group marsi@tus model.
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Modeling all covariates simultaneously

Findings from each of the models described aboggest that there may be some
interactions between the effects of caregiving @alth and the effects of other caregiver
attributes such as race or health, at least foestaregivers. However, none of these models
tests whether these effects remain consisteneiptésence of other covariates. Since the life
course perspective and findings from other stusliggest that there is some intersectionality —
that the effects of multiple life experiences maynbine and accumulate to create larger effects
on wealth over time — it was important to estimamtaodel in which all covariates are present
simultaneously. Therefore, a final model was husing age, health, marital status, income, and
caregiving status as time-varying covariates, wnatte (modeling White/Non-Hispanic vs.

Other), education, and gender as time-invariaktfastors. With all covariates included, a five-
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group rather than four-group model fit best; paremseshould be interpreted with caution,
however, because eliminating cubic terms that weresignificant resulted in failed
convergence. Results are presented in Table 1%ignde 10, below. Although the parameter
estimates may be somewhat unstable, they are temtsvgth findings from the models
described above. For instance, caregiving remasiggdficant and negatively associated with
one groupfg = -2.48, S.E.= 0.82)<.01), and the size of that group (3.8%) was coesisvith
the models shown above. For this group, healthtik@enly other covariate that was
significantly associated, and the associationxae@ed, was negativg € -0.94, S.E.= 0.31,
p<.01). Race was also significant for this grouth@lgh the direction of the association
changed: in this case, Whites were more likelyeloihg to the group for whom caregiving and
health had a negative impagt< 1.01, S.E.= 0.5(p=.04).

In order to more fully understand the charactexsstif each group, post-hoc analysis was
conducted using the probability estimates produmethe TRAJ procedure. These
characteristics are summarized in Table 16. Grqupeigroup for which caregiving status was
significantly related to asset trajectories, had déspondents at baseline, with attrition of 22%
(n=81in 2008). The group had a mean age of 5%.bdseline and mean education of 10.58
years. At all waves after the baseline wave, thexee 8-10 people serving as caregivers (which
was equivalent to 10% of group members in 2000,readly 20% in 2008). By that last wave,
75 members of this group had never been a caregistér 18 identifying as a caregiver once
during the study, 7 identifying as a caregiver t&yiand 4 members serving as a caregiver for 3
or more waves. This group displayed an interestiaglth pattern, with median wealth falling
consistently across waves, but rising at the lastewlt may be that those who had the least

wealth in the group were lost to attrition befdne tast wave.
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Table 15. 5-group model

Parameter B s.d. p
Group 1 (3.7%) Intercept 3.46 4943.33 1.00
Linear -11.32 4.37 0.01
Quadratic 3.70 1.42 0.01
Cubic -0.34 0.13 0.01
Age 0.15 0.05 0.01
Health -0.40 0.37 0.36
Marital Status -1.96 0.51 0.00
Income 0.37 0.17 0.03
Caregiving -0.18 1.02 0.86
Respondent in wave 1.30 4946.07 1.00
Parent living -2.87 0.62 0.00
Risk Factors| Constant 0.00 -- --
Group 2 (3.1%) Intercept -2.58 1489.30 1.00
Linear 15.61 1.13 0.00
Quadratic -3.78 0.37 0.00
Cubic 0.30 0.03 0.00
Age -0.11 0.04 0.00
Health -0.23 0.12 0.06
Marital Status 0.20 0.19 0.29
Income -0.06 0.09 0.50
Caregiving 0.12 0.60 0.84
Respondent in wave -6.00 1487.88 1.00
Parent living 0.02 0.37 0.96
Risk Factors| Constant -0.10 0.73 0.89
Race 1.27 0.40 0.00
Education 0.17 0.57 0.77
Gender -0.46 0.47 0.32
Group 3 (86.7%) Intercept 3.94 623.50 1.00
Linear -0.08 0.05 0.13
Quadratic 0.04 0.02 0.02
Cubic -0.00 0.00 0.01
Age 0.01 0.00 0.00
Health -0.12 0.01 0.00
Marital Status -0.11 0.04 0.00
Income 0.15 0.01 0.00
Caregiving 0.03 0.03 0.26
Respondent in wave -0.72 623.50 1.00
Parent living -0.03 0.02 0.14
Risk Factors| Constant -0.46 0.86 0.60
Race 1.01 0.50 0.00
Education 0.19 0.89 0.35
Gender -0.18 0.60 0.57
Group 4 (3.8%) Intercept 5.19 459.45 0.99
Linear -4.57 2.94 0.12
Quadratic 1.70 1.03 0.10
Cubic -0.19 0.11 0.07
Age 0.01 0.05 0.76
Health -0.94 0.31 0.00
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Marital Status +0.63 0.40 0.11
Income 0.10 0.09 0.27
Caregiving -2.48 0.82 0.00
Respondent in wave -0.72 462.83 1.00
Parent living 3.88 0.83 0.00
Risk Factors| Constant -0.46 0.86 0.60
Race 1.01 0.50 0.04
Education 0.19 0.89 0.83
Gender -0.18 0.60 0.76
Group 5 (2.7%) Intercept 2.66 11923.62 1.00
Linear 9.23 1.68 0.00
Quadratic -3.59 0.55 0.00
Cubic 0.37 0.05 0.00
Age -0.01 0.06 0.81
Health -0.12 0.17 0.49
Marital Status -0.67 0.27 0.02
Income 0.17 0.09 0.08
Caregiving 0.14 0.44 0.75
Respondent in wave -4.50 11925.18 1.00
Parent living -0.47 0.50 0.34
Risk Factors| Constant 1.03 0.77 0.18
Race 0.04 0.41 0.93
Education -0.30 0.65 0.65
Gender -0.44 0.52 0.39
Sigma 1.03 0.03 0.00

BIC =-20353.59 (N = 3089)

74




Figure 8. Graph of trajectories for 5-group model.
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Table 16. Comparing characteristics of group inSfgroup summary modéll values are at
baseline except care duration, which reflects dumah final wave)

Group 1 Group 2 Group 3 Group 4 Group 5
N 80 84 2691 104 133
Attrition by final wave 18 (22.5) 18 (21.4) 547 (3D 23 (22.1) 31 (23.3)
Gender F=55 (68.8), | F=52 (61.9), | F=1746 (64.9)| F=66 (63.5), | F=91 (68.4),
M=25(31.3) | M=32(38.1) | M=945 (35.1) | M=38 (36.5) | M=42 (31.6)
Race
White =| 42 (52.5) 54 (64.3) * 2132 (79.2) ¥ 42 (40.4)* ¢35.8)
African-Am.= | 27 (33.8) 21 (25.0) 313 (11.6) 33 (31.7) 55 (41.4)
Other =| 11 (13.8) 9 (10.7) 246 (9.1) 29 (27.9) 29 (21.8)
Age 56.6 (4.0) * 57.1 (4.0) * 57.1(4.2)* 57.1(4.1) 7.8 (4.1)
Education (recoded) 11.57 (3.2) 11.9 (3.3) 13.1 (2.8) 10.6)(4 10.8 (3.4)
Health
Excellent| 4 (5.0) 10 (11.9) * 515(19.1) * 11 (1p*6 10 (7.5)
Very Good| 17 (21.2) 16 (19.1) 897 (33.3) 16 (15.4) | 23 (17.3)
Good| 22 (27.5) 28 (33.3) 778 (28.9) 30 (28.9) R3IP
Fair | 21 (26.3) 19 (22.6) 380 (14.1) 19 (18.3) 42.63
Poor| 16 (20.0) 11 (13.1) 121 (4.5) 28 (26.9) 27.320
Marital Status
Married/partnered 35 (43.8) * 45 (53.6) 2104 (78.3)| 48 (46.2) 59 (44.4) *
Divorced/ Widowed| 39 (48.8) 35 (41.7) 519 (19.3) (43.2) 68 (51.1)
Never married 6 (7.5) 3 (4.8) 65 (2.4) 9 (8.7) h)4
Income (mean) $19,948 * $96,068 $53,703 * 20,900 21,974 *
(17,879) (566,263) (64,323) (25,541) (23,949)
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Wealth (mean) $34,965 -$51,226 289,076 29,462 13,694
(91,543) (260,623) (693,611) (49,520) (49,369)
Care Duration
=0 | 54 (67.5) 73 (86.9) 1920 (71.4) 75 (72.1) * 101.975
=1 | 20 (25.0) 9 (10.7) 554 (20.6) 18 (17.3) 22 (16.5)
=2|4(5.0) 2 (2.4) 146 (5.4) 7 (6.7) 6 (4.5)
=3|2(2.5) 0 53 (2) 2 (1.9) 4 (3.0)
=4|0 0 17 (0.6) 1(1) 0
=5|0 0 1(0.0) 1(1) 0

* = parameter estimate was significaant<05)

Research Question 3: How do the duration and intenty of the caregiving experience
impact caregivers’ wealth trajectories?

Hypothesis 3.1: Duration of the informal caregivingexperience is associated with a
larger depressing effect on caregivers’ wealth tragctories over time.To test this hypothesis,
a model was fit with care duration included asveetivarying covariate. For this question,
analysis was limited to the population of responsl&yho became caregivers at some point
during the study (n=869). Prior models indicateat thecoming a caregiver was significantly and
negatively associated with wealth, so excludingé&who never became caregivers removed the
initial effect of the jump from noncaregiver to egiver. (Sensitivity testing with models that
included all respondents confirms that care dunasasignificant for some groups when those
who never become caregivers are included. PleasAmggendix A for these results.) The sample
was limited to those who had identified as a camgat least once, and because sample attrition
was not a significant factor for this group, therohay variable for respondent status was
dropped. The dummy variable for parent mortalitys wetained, however, because of its
relationship to eligibility to become a caregiveéraay given wave.

For all models using care duration as a covarcees duration is not significant. As in
other models, the four-group model is determinefit the data best; group membership occurs

in similar percentages as prior models, with adargjority (87%) belonging to a group with
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relatively stable wealth over time. Neither in-watatus nor parent mortality status is
significantly related to any trajectories. Alsositould be noted that the cubic term was not
significant for any groups in this model, wherdas tnodels that include non-caregivers (and
that have at least one group for whom caregivimggatively related to asset trajectories) do
have significant cubic parameters in the caregigrayp. This may indicate that the initial jump
to caregiving status is where much of the impacivealth occurs.

Table 17. 4-group model with care duration as dat&r

Parameter B S.E. p
Group 1 (2.54%) Intercept -0.02 0.46 0.97
Linear -0.57 0.17 0.00
Care duration 0.52 0.42 0.22
Parent living 0.00 0.71 1.00
Group 2 (3.61%) Intercept 8.12 1.16 0.00
Linear -4.54 0.76 0.00
Quadratic 0.72 0.10 0.00
Care duration -1.16 0.73 0.11
Parent living -0.28 0.62 0.65
Group 3 (6.56%) Intercept 2.35 1.20 0.05
Linear 1.87 0.87 0..03
Quadratic -0.36 0.11 0.00
Care duration -0.57 0.47 0.22
Parent living -0.72 0.47 0.13
Group 4 (87.28%) Intercept 4.93 0.09 0.00
Linear 0.14 0.04 0.00
Quadratic -0.01 0.00 0.00
Care duration 0.02 0.04 0.62
Parent living -0.03 0.04 0.47
Sigma 1.20 0.06 0.00

BIC =-29561.41 (N = 869)
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Figure 9. Graph of trajectories for 4-group modeatare duration.
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Hypothesis 3.2:Intensity of the caregiving experience is associatavith larger
negative effect on caregivers’ wealth trajectoriesver time. To test this hypothesis, a measure
of caregiving hours at each wave was includedtasevarying covariate. As with the analysis
of care duration, the sample was limited to thoke tvad identified as a caregiver at least once
during the study period (n-869), and the in-wavendhy variable was dropped. The hours of
care measure was significantly associated withgwaoips, but in opposite directions. In Group
2, the relationship was negative, indicating tlsahaurs of care increased, asset trajectories were
negatively affected(= -0.00, S.E.= 0.0(p<.01). In Group 3, the opposite effect was seere ca
hours were positively associated with asset trajexg, indicating that trajectories increased as
hours increased. In both cases, however, the pteaesimate was extremely small, however,
and as the trajectory graph indicates, the slome wuite volatile. Therefore, despite the

statistical significance, the substantive impaatare hours may be negligible.
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Table 18. 4-group model with hours of care as aiat&

Parameter B S.E. p
Group 1 (1.94%) Intercept -10.41 2.96 0.00
Linear 15.80 2.65 0.00
Quadratic -5.20 0.81 0.00
Cubic 0.49 0.08 0.00
Care hours -0.00 0.00 0.15
Parent living -3.36 0.66 0.00
Group 2 (2.96%) Intercept 0.69 0.68 0.31
Linear 0.39 0.20 0.05
Care hours -0.00 0.00 0.00
Parent living 1.57 0.64 0.01
Group 3 (4.35%) Intercept 16.59 2.76 0.00
Linear -18.42 2.68 0.00
Quadratic 4.94 0.87 0.00
Cubic -0.39 0.09 0.00
Care hours 0.00 0.00 0.00
Parent living -0.92 0.66 0.17
Group 4 (90.76%) Intercept 5.10 0.06 0.00
Linear 0.05 0.01 0.00
Care hours -0.00 0.00 0.13
Parent living -0.06 0.05 0.27
Sigma 0.93 0.05 0.00

BIC =-11342.04 (N = 869)
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Figure 10. Graph of trajectories for 4-group maafetare intensity.

WEALTH TRAJECTORIES BY WAVE

Covariates: CARE INTENSITY

LOG of WEALTH
6.00

_____________________________________

5.00 4 P yresmssssscoceey 4 )

4.00

100 2.00 3.00 4.00 5.00 6.00

Summary of Findings

Taken together, findings present mixed supportHerstudy hypotheses. These findings

are summarized in Table 19. Hypothesis 1.1 isyattpported, with at least some caregivers

experiencing lower wealth trajectories when comgavegh non-caregivers. Hypotheses 2.2, 2.3,

2.4 and 2.5 are moderately supported, in that canggis negatively associated with wealth

trajectories for at least one group in each mdsiglcontrast, hypothesis 2.1 was not supported,

since gender was not significantly associated wehlth trajectories for any groups. Similarly,

hypotheses 3.1 and 3.2 were not supported; caetidimmwas not significantly related to wealth

trajectories when wealth among caregivers was aad|yand while care hours were, the

direction of impact was mixed and the effect ofettories was quite small.

80



Table 19. Summary of findings, by hypothesis

Hypothesis

Relationship tested

Finding

11

Caregiving will be significantly and
negatively associated with wealth
trajectories.

Partly Supported: caregiving status negatively
associated with one wealth trajectory group,
representing 4.3% of respondents.

Research Que

stion 2

21

Female caregivers will experience greater
negative change in wealth trajectories ove
time than men.

Unsupported: gender is not statistically associat
I with any trajectory groups.

g

th

2.2 Race/ethnicity will significantly predict Supported: Race was negatively associated with
membership in groups for whom caregiving the trajectory group for whom caregiving had a
significantly and negatively impacts wealth negative impact on asset trajectories, meaning that
trajectories. African-Americans were more likely than White%

to be members of this group.

2.3 Education will significantly predict Supported: Education was negatively associate
membership in groups for whom caregiving with the trajectory group for whom caregiving had
significantly and negatively impacts wealth a negative impact on wealth trajectories, meani
trajectories. that those with lower education were more likely

to be in this group.

2.4 Caregivers’ health will be significantly and| Supported: Health was negatively associated wi
negatively associated with wealth trajectorjeall trajectory groups, including that for whom
in groups for whom caregiving is also caregiving status was also negatively associated
significantly and negatively associated. meaning that poorer health had a negative effegt on

wealth trajectories.

25 Marital status will significantly predict Unsupported: Being married was positively

membership in groups for whom caregivin
significantly and negatively impacts wealth
trajectories.

j associated with some wealth trajectories, but
significance of caregiving status disappears fron
most models.

=

Research Que

stion 3

3.1

Duration of the informal caregiving
experience is associated with a larger
negative effect on caregivers’ wealth
trajectories over time.

Unsupported: Care duration was not significantly
associated with any trajectory groups.

3.2

Intensity of the caregiving experience is
associated with larger negative effect on
caregivers’ wealth trajectories over time.

Mixed: Care intensity was significantly associated
with two trajectory groups, but in different
directions, and the parameter estimate was very
close to 0 in both cases.
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Chapter 5. Discussion

Any analysis of the economic impacts of caregivinghes with challenges. A number of
decisions were made in the course of this analysil,the goal of creating models that were
both testable and parsimonious. However, most decsequire trade-offs. Therefore, a few
limitations to this study, both conceptual and rodtiiogical, should be noted.
Limitations

One conceptual limitation is related to the chatwealth instead of income as the
dependent variable of interest. As several cros8es®l studies have suggested (AARP, 2012),
caregiving may have substantial direct impactshenricome of caregivers who were working
full-time before they assumed the caregiving rtilenay be that for some caregivers, especially
those in lower income brackets, the decreasesome do not directly result in decreased
wealth, because income is not used heavily fomgsviThere may be some impact from
decreases in Social Security contributions, butesgontributions to Social Security are not
included in the wealth measures in the HRS, theaohpf decreased Social Security
contributions on retirement preparation does nargein this study. Income trajectories present
their own challenges, since income may fluctuagaiBcantly from month to month and year to
year, and may not, therefore, follow a statisticakrceptible trajectory. Also, in the age range of
interest in this study, some respondents may chimossire for reasons other than caregiving,
and teasing out the effects of caregiving on incamtbe presence of both “normal” and
caregiving-motivated retirement presents someesterg challenges. Nonetheless, choosing to
focus on wealth may have resulted in leaving sohtkeonegative impacts of caregiving

undetected, especially among lower-income respdaden

83



A related issue is that differences in income statay impact differences in the balance
of informal and formal care provided to the cam@pient. For instance, some low-income care
recipients may qualify for Medicaid services, andthg high-income care recipients may be able
to pay for home care on their own. As a result,démand for caregivers’ time may be highest
among families in the middle — and therefore thlesegivers may feel the most physical,
emotional, and financial strain. On the other haae evidence suggests that even when
formal services are provided to LTC recipienth&itas private pay or with public assistance,
the amount of time spent on informal care remaarstant or decreases very slightly (Pezzin,
Kemper, & Reschovky, 1996). Although the impacicanegivers’ expenses is not certain, it may
be that informal care expenses, similar to inforozak time, are relatively invariant even when
formal services are provided through public fundse question of whether the presence of
formal care services mitigates the financial impHataregiving is not addressed in the present
study, but is an important area for future investimgn.

Another conceptual consideration is that this d#teslimited to adults over the age of
50, which limits generalizability of the study besa the median age of caregivers in the U.S. is
roughly 49. It may be that younger caregivers egpee different economic impacts from
caregiving, especially because they may have nmearerey years ahead of them, but they also
may be more likely to be “sandwiched” caregiverbpvare providing care for both a parent and
a child or children. The HRS is uniquely suitedhis type of longitudinal analysis of household
wealth because of the number of waves of datalatehgth of participation by respondents,
but it limits generalizability to caregivers whaeasver age 50. A related limitation is the
restriction of analysis to those providing caredgrarent. Many caregivers in this age range

provide care for a spouse; analysis of their fiesns more difficult, however, because income
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and wealth are measured at the household levelnaydnclude income and wealth of the care
recipient as a result. Therefore, this study limaitalysis to caregivers for parents, with the
understanding that generalizability is limited agsult.

The method of measuring caregiving also presehisitation in this dataset. First, the
measure captures all who have provided 100 houmsooe of care for a parent over the last two
years; this may include those who only provided hears of care per week for an entire year, as
well as those who were full-time caregivers foryoalfew weeks. The measure of intensity
attempts to capture some of this nuance; howevedels that use the caregiver status measure
or the duration measure may dilute some of theceffef caregiving on assets because they may
include those who have not been caregivers for hgry, or who have not had a very intense
caregiving experience. A related issue is that#regiving measures ask only about care
provided to a parent or stepparent, not care peavtd a parent-in-law. This may miss some
important impacts of caregiving for those who awéaaring for their own parents, but are caring
for their spouse/partner’s parent. Interestingéyegiving for parents-in-law is measured in 1998
and 2000, but not in subsequent waves. As a rékalte data are excluded from this study, but
may have indirect impacts. In 1998, there were g&dple who were providing ADL and/or
IADL care for a parent-in-law, but not for their oyarents. These caregivers were included in
the original sample of non-caregivers because doeyot fit the narrow definition of caregiving
used here; however, they may have been experiemjagcts on assets from their caregiving
experience, and so they may have a small but cadfog effect on the models. Similarly, there
may be respondents in other waves who are caragieeparents-in-law, and who may have
lower asset totals as a result, thereby confounttiege findings and potentially creating a type

Il error.
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There is also an important methodological limitatio note: because of the wide range
of net worth values and the continuous distributbnet worth values across the population,
there is a great deal of heterogeneity in bothistarvalues for wealth and trajectory shapes. The
group-based growth curve approach imposes a horedagassumption on the intercepts of each
group, meaning that it assumes that the startihgegdor the trajectories will be roughly the
same within groups, while differing between groujgplying this assumption frees enough
parameters to be able to test cubic terms in #)edtories, but it causes some difficulty in
assessing model fit, as is discussed above. Ddgstemitation, the method was chosen
because it allows for analysis of the cubic terinhe trajectories; nonetheless, future work
should test these models using an approach trest fhe intercepts within groups to determine
whether probability of group membership is affedigdhe equality constraints.

Lastly, a number of measures used in this studyuding the caregiving status measure,
are only measured every two years; therefore, saraaces of the caregiving experience may be
lost in this analysis. Similarly, some measureshsas marital status, had to be recoded into
dichotomous variables in order to be included asgates. As a result, some nuances of the
respondents’ experiences, such as potential dift@®in effect of caregiving on those who are

widowed versus those who were never married, mayibsed.

Discussion

In general, hypotheses about the effect of caregion respondents’ assets were
supported. For most groups, and with most covayjai@egiving status was negatively
associated with at least one group’s trajector 3ikae of the group varied based on the number

of groups identified in the model, but regardlesthe number of groups, caregiving was always
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significant for at least one. This offers supportthe hypothesis that caregiving has a negative
impact on asset trajectories. At the same timeyary model, caregiving was only significantly
associated with a small group. Size of the grougeddrom 10% to under 3%, depending on the
number of groups identified. This suggests thaleviis an important factor for some, for a
majority of people, caring for a parent does nateha significant impact on wealth over time.

Findings about the role of caregiver charactesstispecifically, race and health — are
generally consistent with the literature. Beinggéen African-American or Hispanic, and having
a high school education or less were all associttdmembership in the group for whom
caregiving had a negative impact on wealth, sugygg#tat members of already vulnerable
groups are more likely to experience negative irtgpliom caregiving over time. Being in poor
health was negatively and significantly associatét wealth trajectories for most groups,
suggesting that it has an important impact on \wmeagardless of other factors. It is notable that
the effect remains present for the group that gatieely impacted by the caregiving experience,
since caregivers are more likely to experience peaitth than noncaregivers. This suggests that
while poor health does not completely explain tegative impact of caregiving on wealth
trajectories, it may compound the effect.

The findings on gender are not consistent withdhger body of literature on the gender
gap in wealth. In the models presented here, gaadely statistically significant for one small
group (2.7%) in the five-group model, and is natistically significant for any groups in other
models. The findings do not directly refute othierdges, however, because the models only
compare likelihoods of belonging to one wealtheic&pry group versus another; they do not
directly compare wealth trajectories of women veriose of men. It may be that the gender

effects are consistent across models, and thuspohane group is distinguished from the others

87



in terms of membership of females. Dividing weddththe number of people in the household
may dilute some of the gender effects if women wleomarried or partnered have more wealth
than those who were not part of a couple. Lastyes of the gender gap may be accounted for
by the significance of the caregiving status vdeabince a majority of caregivers in this sample
are women.

It is also important to note that when maritals$as added to the model without other
covariates, the negative effects of caregivingmpgear. This indicates that marital status may
have special importance in understanding potelaing-term economic impacts of caregiving. In
particular, since women who are widowed are mdyito live in poverty, and women in
general are more likely to be caregivers, moreyaisls needed to understand whether there is
an interaction between marital status and caregiwvinelation to long-term wealth trajectories.
These relationships were not fully explored in 8tisdy, because those who were divorced,
widowed, and single were combined into one catedéuyure work should focus more directly
on the interactions of gender, marital status,@régiving status and their potential cumulative

impacts on assets.

Implications

Although conclusions from this study must be drawvith caution, the consistency of the
findings across models offers support for the higpsis that providing care for an aging parent
has negative impacts on some wealth trajector@sglier, the findings are clear that caregiving
only has negative impacts farsmall group Further, the findings support the hypotheses that
unmarried people, ethnic/racial minority populaipand people in poor health are most

vulnerable to these impacts. These dynamics areriant to acknowledge, especially as our
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country’s LTC system continues to increase itarele on informal caregivers to provide not
just occasional care, but also assistance with A&idscomplex medical tasks. This study
suggests that while a majority of people providiage to an aging parent may not experience
long-term impacts on their wealth, a minority mayé lower wealth trajectories as a result of
their caregiving experience — and this negativeaichpnay compound existing vulnerabilities to
financial insecurity. In short, some caregivers magd additional financial support, either
during the caregiving experience, or later in Vifieen their savings come up short as they face
their own retirement and LTC needs.

These findings are particularly important at thagnp in the ongoing policy conversation
about long-term care coverage in the U.S. In faaty recently, the 112Congress repealed the
CLASS Act as part of the American Taxpayer Reliet fPub. L. 112-240). Advocates had
viewed CLASS as a promising first attempt to emacational, long-term care insurance
program (Advance CLASS, 2013). The CLASS progranhheen written into the Affordable
Care Act in 2010, but implementation of the progtzad been scrapped by the HHS in 2012
because the statutory requirements of the progaamyitten by Congress, made the program
very unlikely to remain viable. Congress moveddpeal the Act rather than making the
legislative changes necessary to facilitate impleateon, but in exchange, a new Commission
on Long-Term Care was created. This Commissioikeésyl to return a report similar to its 1990
counterpart, the Pepper Commission, since the sactsunding our country’s long-term care
system remain largely the same, with the exceghahmore is known now about the impact of
informal caregiving on families.

The present study offers partial confirmation aadipl challenge to the findings of

cross-sectional studies on the impact of caregieimgaregivers’ finances. When examined
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longitudinally, it appears that caregiving for agirey parent does not always negatively impact
caregivers’ wealth trajectories; importantly, howevt does negatively impasbme- and
especially those who are already vulnerable tanfired insecurity. Policymakers continue to be
concerned about the increase in demand on puldgrgams such as Medicaid and Social
Security’s Supplemental Security Income (SSI), yeidncreasing reliance on informal
caregivers may, inadvertently, increase the nurabpeople who will need these programs later
because they lost opportunities to save for their cetirement and LTC needs while serving as
caregivers. As the new Commission on Long-Term @ats to work, the hope is that this new
information about the long-term financial impactsaregiving will influence decisions about
how to support vulnerable caregivers as they perfaiservice that is valuable to society and
critical to the long-term care system as it is entty structured.

The study also offers an important methodologicaltebution to the study of the
economic impacts of caregiving. Previous work leesi$ed mostly on cross-sectional analysis
and has not always used nationally representatingkes. Applying latent growth curve
analysis to wealth data and using 10 years’ of ttateegin to explore the long-term effects of
caregiving are important innovations — and yield ititeresting finding that the impacts of

caregiving for an aging parent are far more comfhex previous research has indicated.

Directions for Future Research

This study fills an important gap in our knowledg®ut the economic impacts of
informal caregiving, but there is more work to lmnd. In fact, several looming questions
emerge from the findings. First, since wealth acalation is a life-long process, even a study

that examines 10 years of data is inadequate pdacument wealth trajectories across the life
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course. Because questions about caregiving weoasstent in the HRS until 1998, the length
of time included in this analysis was necessanihytéd; as future waves of data are collected
however, it may be possible to build an even clegicture of the natural patterns of wealth
development through the later half of life among3+Rspondents. Additionally, it may be that
other data sets, which include younger respondardg,provide opportunities to track
trajectories across the entire life course, antetheto put the impacts of caregiving into a more
complete context.

Second, this study explores the economic impacaadgiving specifically on informal
caregivers who provide care for a parent. Resaamsbeded to understand the impacts of
caregiving on those who care for a spouse, inqda because widows are particularly
vulnerable to poverty in general. It may be thasthwho are widowed after an extended
caregiving experience may be even more vulneratdraneed of extra financial support.

Third, more work is needed to understand the impacaregiving on income trajectories
and on household spending. Some of the careginghss sample had very low income, and low
or negative net worth, and for these respondemigacts on income may not have translated into
lower wealth trajectories. Rather, caregiving mayehimpacts by limiting the amount of money
available to these caregivers for their own houkkbrpenses. Thus, further study of the impact
of caregiving on income across the population exed, especially because impacts on income
may have direct impacts on Social Security contrdms. Since Social Security is the primary
source of retirement income for an increasing nurobelder adults, any decrease in Social
Security savings could have long-term negative eqguences. Additionally, future analysis
should include exploration of how household spegdiififers among caregivers and non-

caregivers.
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Lastly, future work is needed to explore the irget®nality of caregiving with the race
and gender gaps in both income and wealth. Thaystuggests that race may be a risk factor for
negative impacts of caregiving on wealth, but thdihgs on gender are less clear. Further study
of these interactions is needed. Women and pedgelar are more likely to have low incomes
and low wealth, and so the impacts of caregiving mat be completely captured by this study.
Future research should examine the impacts of mémggn income, especially among women

and people of color.

Conclusion

Over the last decade, a significant shift in LT@/8= delivery has prioritized
community care over institutionalization. This s$kefpopular with care recipients and state
policy makers, but is placing increasing pressuréamilies who are tasked with increasingly
complex care responsibilities. This study lendgpsuipto those who are concerned that
providing informal care — in this case, to an agiagent — may have negative impacts on some
caregivers, not just in terms of the physical amsonal toll, but also by placing them at
greater risk for financial insecurity by lowerintgeir ability to accumulate wealth over time.
Although most caregivers will not experience sumsgdinegative financial impacts, some
caregivers are particularly vulnerable. Social veoskand policy makers should remember that
unpaid care is not necessarily free, and that apattention to vulnerable caregivers should

include consideration of their household finansialation.
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Hypothesis 2.1: Female caregivers will experienceeater negative change in wealth

trajectories over time than men.

Table 20. 3-group model with gender as covariate.

Appendix A. Model statistics for alternate models ¢sted

Parameter B S.E. p

Group 1 (89.70%) Intercept 5.83 1.13 0.0000
Linear 0.02 0.01 0.1191
Caregiving (Yes=1) -0.01 0.04 0.8104
Respondent in wave -0.70 0.49 0.1532
(Yes=1)
Parent living (Yes=1) -0.08 0.03 0.0280

Group 2 (3.90%) Intercept -4.99 110.49 0.9639
Linear 13.94 1.16 0.0000**
Quadratic -3.45 0.38 0.0000*
Cubic 0.27 0.04 0.0000**
Caregiving (Yes=1) 0.21 0.54 0.7038
Respondent in wave -9.32 109.57 0.9322
(Yes=1)
Parent living (Yes=1) 0.31 0.44 0.4789
Gender (Female=1) -0.30 0.25 0.2288

Group 3 (6.40%) Intercept 13.56 0.88 0.0000
Linear -1.57 0.58 0.0070
Quadratic 0.18 0.09 0.0436
Caregiving (Yes=1) -1.84 0.56 0.0011*F
Respondent in wave -9.93 1.85 0.0000**
(Yes=1)
Parent living (Yes=1) -0.20 0.81 0.8009
Gender (Female=1) 0.33 0.20 0.1020
Sigma (variance 1.23 0.04 0.0000**
explained by model)

BIC=-22203.56 (N=3092)

Table 21. 5-group model with gender as covariate.

Parameter B S.E. p

Group 1 (3.5%) Intercept -5.61 156.11 0.9713
Linear 15.62 1.22 0.0000**
Quadratic -3.98 0.38 0.0000**
Cubic 0.32 0.03 0.0000**
Caregiving -0.41 0.50 0.4104
Respondent in wave -9.03 155.21 0.9536
Parent living -0.31 0.28 0.2630

Group 2 (2.7%) Intercept 0.77 1066.70 0.9994
Linear 0.11 0.18 0.5371
Caregiving -1.76 0.75 0.0183*
Respondent in wave -1.39 1066.80 0.9990
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Parent living -0.74 0.95 0.4328
Gender 1.18 0.41 0.0042**
Group 3 (87.4%) Intercept 4.85 12.11 0.6891
Linear 0.08 0.02 0.0000**
Quadratic -0.01 0.00 0.0217**
Caregiving -0.00 0.03 0.8869
Respondent in wave 0.18 12.11 0.9878
Parent living -0.02 0.02 0.3512
Gender 0.44 0.25 0.0810*
Group 4 (2.7%) Intercept 10.78 1386.41 0.9938
Linear -14.84 4.29 0.0005**
Quadratic 5.13 1.44 0.0004**
Cubic -0.52 0.14 0.0001**
Caregiving -1.78 1.80 0.3496
Respondent in wave 4.87 1383.25 0.9972
Parent living -1.62 0.90 0.0711*
Gender 0.53 0.38 0.1687
Group 5 (3.7%) Intercept 2.34 4556.91 0.9996
Linear 5.78 2.26 0.0106**
Quadratic -2.64 0.81 0.0011**
Cubic 0.30 0.08 0.0002**
Caregiving -0.65 0.58 0.2618
Respondent in wave -4.82 4558.39 0.9992
Parent living 2.88 1.28 0.0240**
Gender 0.53 0.38 0.1687
Sigma 1.08 0.03 0.0000

BIC = -20957.12 (N = 3092)

Hypothesis 2.2: Race/ethnicity will significantly pedict membership in groups for whom
caregiving significantly and negatively impacts wegh trajectories.

Table 22. 3-group model with race as covariate.

Parameter B S.E. p
Group 1 (89.5%) Intercept 5.80 1.24 0.0000
Linear 0.07 0.02 0.0009**
Quadratic -0.01 0.00 0.0458**
Caregiving -0.02 0.04 0.6720
Respondent in wave -0.74 1.22 0.5465
Parent living -0.07 0.03 0.0212*4
Group 2 (6.7%) Intercept 3.21 30.50 0.9162
Linear -1.55 0.54 0.0038**
Quadratic 0.18 0.08 0.0290**
Caregiving -1.87 0.53 0.0038**
Respondent in wave 0.42 24.82 0.9864
Parent living -0.20 0.72 0.7807
Race (White/Non- -1.78 0.19 0.0000**
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Hispanic=1)

Group 3 (3.8%) Intercept -4.92 87.23 0.9550
Linear 14.09 1.16 0.0000**
Quadratic -3.48 0.37 0.0000**
Cubic 0.28 0.04 0.0000**
Caregiving 0.21 0.55 0.7034
Respondent in wave -9.58 86.75 0.9120
Parent living 0.31 0.45 0.4903
Race (White/Non- -0.84 0.28 0.0025**
Hispanic=1)
Sigma 1.23 0.04 0.0000
BIC = -22142.44 (N=3092)
Table 23. 5-group model with race as covariate.
Parameter B S.E. p
Group 1 (3.5%) Intercept -5.63 46.89 0.9044
Linear 15.64 1.22 0.0000**
Quadratic -3.99 0.38 0.0000**
Cubic 0.32 0.03 0.0000**
Caregiving -0.33 0.45 0.4617
Respondent in wave -9.04 46.49 0.8458
Parent living -0.30 0.27 0.2702
Group 2 (2.7%) Intercept 0.66 158.82 0.9967
Linear 0.09 0.16 0.5718
Caregiving -1.38 0.59 0.0193**
Respondent in wave -1.50 158.51 0.9924
Parent living -0.47 1.05 0.6522
Race -1.22 0.40 0.0024**
Group 3 (87.1%) Intercept 4.85 24.55 0.8435
Linear 0.08 0.02 0.0000**
Quadratic -0.01 0.00 0.0178**
Caregiving -0.00 0.03 0.9274
Respondent in wave 0.19 24.57 0.9940
Parent living -0.02 0.02 0.5081
Race 0.87 0.30 0.0037**
Group 4 (3.6%) Intercept 10.75 1721.18 0.9950
Linear -13.39 2.18 0.0000**
Quadratic 4.34 0.75 0.0000**
Cubic -0.42 0.08 0.0000**
Caregiving -0.50 1.61 0.7547
Respondent in wave 4.84 1722.94 0.9978
Parent living -2.32 0.69 0.0008**
Race -0.52 0.44 0.2403
Group 5 (3.2%) Intercept 0.62 398.84 0.9988
Linear 8.98 1.45 0.0000**
Quadratic -3.67 0.56 0.0000**
Cubic 0.39 0.06 0.0000**
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Caregiving -0.47 0.61 0.4348
Respondent in wave -6.54 399.37 0.9869
Parent living 4.01 0.89 0.0000**
Race -0.62 0.47 0.1911
Sigma 1.08 0.03 0.0000*

BIC =-20865.86 (N = 3092)
Hypothesis 2.3: Education will significantly predi¢ membership in groups for whom
caregiving significantly and negatively impacts weh trajectories.

Table 24. 3-group model with education as covariate

Parameter B S.E. p

Group 1 (89.6%) Intercept 5.80 0.86 0.0000
Linear 0.07 0.02 0.0010**
Quadratic -0.01 0.00 0.0493**
Caregiving -0.01 0.04 0.7392
Respondent in wave -0.74 0.89 0.4100
Parent living -0.07 0.03 0.0372

Group 2 (6.6%) Intercept 3.20 2.81 0.2556
Linear -1.52 0.54 0.0048**
Quadratic 0.17 0.08 0.0362**
Caregiving -1.83 0.57 0.0014**
Respondent in wave 0.41 2.35 0.8614
Parent living -0.20 0.75 0.7877
Education

Group 3 (3.8%) Intercept -4.89 120.58 0.9677
Linear 14.03 1.15 0.0000**
Quadratic -3.47 0.38 0.0000**
Cubic 0.28 0.04 0.0000**
Caregiving 0.21 0.55 0.7019
Respondent in wave -9.55 119.97 0.9366
Parent living 0.30 0.45 0.4966
Education
Sigma 1.23 0.04 0.0000

BIC -22188.56 (N=3092)

Table 25. 5-group model with education as covariate

Parameter B S.E. p

Group 1 (3.5%) Intercept -5.62 148.80 0.9699
Linear 15.63 1.22 0.0000**
Quadratic -3.98 0.38 0.0000**
Cubic 0.32 0.03 0.0000**
Caregiving -0.43 0.50 0.3873
Respondent in wave -9.03 147.91 0.9513
Parent living -0.31 0.27 0.2479
Education
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Group 2 (2.8%) Intercept 0.78 248.34 0.9975
Linear 0.12 0.17 0.4971
Caregiving -1.84 0.82 0.0249**
Respondent in wave -1.38 248.39 0.9956
Parent living -0.78 0.85 0.3570
Education -0.94 0.41 0.0222**
Group 3 (87.3%) Intercept 4.85 109.21 0.9646
Linear 0.08 0.02 0.0000**
Quadratic -0.01 0.00 0.0137**
Caregiving -0.01 0.03 0.8499
Respondent in wave 0.19 109.21 0.9986
Parent living -0.02 0.02 0.3186
Education 0.41 0.26 0.1197
Group 4 (2.7%) Intercept 10.79 6279.82 0.9986
Linear -14.82 4.45 0.0009**
Quadratic -0.01 0.00 0.0137**
Cubic -0.52 0.14 0.0002**
Caregiving -1.82 1.62 0.2633
Respondent in wave 4.88 6283.50 0.9994
Parent living -1.65 0.84 0.0501*
Education 0.11 0.53 0.8395
Group 5 (3.8%) Intercept 2.42 3115.66 0.9994
Linear 5.61 1.98 0.0046**
Quadratic -2.57 0.71 0.0003**
Cubic 0.29 0.07 0.0000**
Caregiving -0.69 0.53 0.1910
Respondent in wave -4.74 3114.32 0.9988
Parent living 2.83 1.20 0.0182**
Education -0.41 0.40 0.3002
Sigma 1.08 0.03 0.0000

BIC = -20939.56 (N = 3092)

Hypothesis 2.4: Caregivers’ health will be signifiantly and negatively associated with
wealth trajectories in groups for whom caregiving $ also significantly and negatively
associated.

Table 26. 3-group model with health as covariate.

Parameter B S.E. p
Group 1 (3.71%) Intercept -5.41 26.15 0.8360
Linear 13.50 1.26 0.0000**
Quadratic -3.26 0.42 0.0000**
Cubic 0.26 0.04 0.0000**
Caregiving 0.14 0.69 0.8411
Health (Excellent=1; -0.35 0.11 0.0019**
Poor=5)
Respondent in wave -8.20 26.08 0.7532
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Parent living 0.66 0.57 0.2406
Group 2 (89.24%) Intercept 5.09 11.99 0.6712
Linear 0.08 0.02 0.0001**
Quadratic -0.01 0.00 0.0208**
Caregiving 0.01 0.04 0.7886
Health (Excellent=1; -0.19 0.01 0.0000**
Poor=5)
Respondent in wave 0.43 16.86 0.9798
Parent living -0.07 0.03 0.0065**
Group 3 (7.05%) Intercept 6.21 7.07 0.3798
Linear -1.65 0.42 0.0001**
Quadratic 0.20 0.42 0.0027**
Caregiving -2.00 0.62 0.0009**
Health (Excellent=1; -0.53 0.15 0.0003**
Poor=5)
Respondent in wave -0.33 7.02 0.9624
Parent living -0.43 0.60 0.4711
Sigma 121 0.04 0.0000**
BIC =-21972.37 (N=3092)
Table 27. 5-group model with health as covariate.
Parameter B S.E. p
Group 1 (2.15%) Intercept 0.43 0.00 0.9967
Linear 0.39 2.62 0.0088 **
Caregiving -2.54 -4.11 0.0000 *4
Health -0.30 -1.69 0.0903 *
Respondent in wave -1.73 -0.02 0.9881
Parent living 0.39 0.55 0.5845
Group 2 (3.31%) Intercept -5.36 32.61 0.8694
Linear 15.44 1.21 0.0000 **
Quadratic -3.87 0.39 0.0000 **
Cubic 0.31 0.04 0.0000 *¥
Caregiving -0.49 0.45 0.2832
Health -0.20 0.11 0.0804 *
Respondent in wave -8.77 32.00 0.7840
Parent living -0.44 0.25 0.0794 #
Group 3 (4.16%) Intercept 2.88 52.42 0.9562
Linear -1.17 0.40 0.0032 **
Quadratic 0.13 0.07 0.0497 **
Caregiving -0.01 0.62 0.9909
Health -0.38 0.10 0.0001 **
Respondent in wave -1.78 52.98 0.9732
Parent living 5.09 0.71 0.0000 *
Group 4 (87.10%) Intercept 5.67 20.03 0.9562
Linear 0.08 0.01 0.0000 **
Quadratic -0.01 0.00 0.0070 **
Caregiving -0.03 0.03 0.3132
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Health -0.17 0.01 0.0000 *¥
Respondent in wave -0.4 19.80 0.9902
Parent living -0.02 0.02 0.3408
Group 5 (3.28%) Intercept 9.23 4.84 0.0569
Linear -2.43 0.65 0.0002 **
Quadratic 0.24 0.10 0.0159 **
Caregiving -1.31 1.62 0.4238
Health -0.50 0.20 0.0153 *¥
Respondent in wave 2.06 5.49 0.7071
Parent living -4.54 1.05 0.0000 *¥
Sigma 1.08 0.03 0.0000 *f

BIC =-20905.44 (N = 3092)
Hypothesis 2.5: Marital status will significantly predict membership in groups for whom
caregiving significantly and negatively impacts weh trajectories.

Table 28. 3-group model with marital status as dat&

Parameter B S.E. p
Group 1 (3.70%) Intercept -5.93 585.51 0.9919
Linear 13.98 1.28 0.0000**
Quadratic -3.41 0.42 0.0000**
Cubic 0.27 0.04 0.0000**
Caregiving 0.22 0.59 0.7087
Marital Status -0.02 0.31 0.9586
Respondent in wave -8.71 584.60 0.9881
Parent living 0.42 0.43 0.3285
Group 2 (7.19%) Intercept 3.69 9.13 0.6858
Linear -1.61 0.37 0.0000**
Quadratic 0.20 0.06 0.0005**
Caregiving -1.15 0.60 0.0545
Marital Status 2.13 0.29 0.0000**
Respondent in wave -0.97 8.82 0.9134
Parent living -0.01 0.54 0.9796
Group 3 (89.11%) Intercept 5.69 18.17 0.7543
Linear 0.08 0.02 0.0000**
Quadratic -0.01 0.00 0.0080**
Caregiving 0.01 0.04 0.7150
Marital Status 0.28 0.04 0.0000**
Respondent in wave -0.85 18.15 0.9626
Parent living -0.06 0.03 0.0213**
Sigma 1.21 0.03 0.0000**

BIC =-21952.55 (N=3092)
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Table 29. 5-group model with marital status as dat&

Parameter B S.E. p
Group 1 (2.71%) Intercept 0.54 894.99 0.9995
Linear 0.12 0.17 0.4946
Caregiving -1.46 0.53 0.0061**
Marital Status 1.08 0.53 0.0428**
Respondent in wave -1.62 894.98 0.9986
Parent living -0.45 0.67 0.5042
Group 2 (3.52%) Intercept -5.49 102.11 0.9571
Linear 15.55 1.14 0.0000**
Quadratic -3.98 0.34 0.0000**
Cubic 0.32 0.03 0.0000**
Caregiving -0.38 0.46 0.4108
Marital Status -0.20 0.22 0.3464
Respondent in wave -8.91 101.43 0.9300
Parent living -0.34 0.26 0.1972
Group 3 (87.56%) Intercept 4.77 44.11 0.9138
Linear 0.07 0.02 0.0000**
Quadratic -0.01 0.00 0.0589
Caregiving 0.02 0.03 0.5905
Marital Status 0.20 0.05 0.0000**
Respondent in wave 0.11 44.12 0.9980
Parent living -0.03 0.03 0.3298
Group 4 (3.19%) Intercept 10.56 989.67 0.9915
Linear -13.81 3.24 0.0000**
Quadratic 4.52 1.18 0.0001**
Cubic -0.44 0.12 0.0002**
Caregiving -0.75 1.59 0.6372
Marital Status 1.08 0.61 0.0779*
Respondent in wave 4.65 991.67 0.9963
Parent living -2.34 0.83 0.0047**
Group 5 (3.01%) Intercept 0.57 28.36 0.9841
Linear 8.34 1.33 0.0000**
Quadratic -3.47 0.47 0.0000**
Cubic 0.37 0.05 0.0000**
Caregiving -0.68 0.46 0.1357
Marital Status 0.69 0.27 0.0114**
Respondent in wave -6.60 29.84 0.8251
Parent living 4.32 1.25 0.0006**
Sigma 1.07 0.03 0.0000

BIC =-20862.60 (N = 3092)
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Hypothesis 3.1: Duration of the informal caregivingexperience is associated with a larger
depressing effect on caregivers’ wealth trajectorgover time.

Table 30. 3-group model with care duration as datar

Parameter B S.E. p

Group 1 (2.95%) Intercept 0.03 0.50 0.9523
Linear -0.58 0.20 0.0037**
Care duration 0.64 0.51 0.2144
Parent living 0.25 0.67 0.7081

Group 2 (9.91%) Intercept 3.89 0.90 0.0000t*
Linear -0.33 0.21 0.1292
Care duration -0.15 0.43 0.7237
Parent living -0.09 0.59 0.8739

Group 3 (87.14%) Intercept 5.03 0.07 0.0000f*
Linear 0.04 0.01 0.0022**
Care duration 0.05 0.03 0.0836*
Parent living -0.01 0.04 0.8724
Sigma 1.28 0.07 0.0000**

BIC =-30459.38 (N=869)
Hypothesis 3.2: Intensity of the informal caregivimg experience is associated with a larger
depressing effect on caregivers’ wealth trajectorover time.

Table 31. 3-group model with care intensity as ciave.

Parameter B S.E. p

Group 1 (4.75%) Intercept 3.12 1.20 0.00967*
Linear -1.68 0.27 0.0000**
Care Hours 0.00 0.00 0.0000**
Parent living -0.57 0.94 0.5473

Group 2 (91.37%) Intercept 5.08 0.06 0.0000f*
Linear 0.05 0.01 0.0005**
Care Hours -0.00 0.00 0.2620
Parent living -0.05 0.05 0.2710

Group 3 (3.88%) Intercept 0.38 0.81 0.6350
Linear 1.11 0.39 0.0049**
Care Hours -0.00 0.00 0.0000**
Parent living -0.86 1.23 0.4841
Sigma 1.08 0.06 0.0000*

BIC = -12304.01 (N=869)
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Table 32. 5-group model with care intensity as ciave.

Parameter B S.E. p
Group 1 (3.43%) Intercept 14.03 5.64 0.0130f*
Linear -13.70 6.23 0.0280**
Quadratic 3.11 1.97 0.1148
Cubic -0.19 0.18 0.3067
Care hours 0.00 0.00 0.0037**
Parent living -1.10 0.89 0.2181
Group 2 (3.00%) Intercept -12.52 3.54 0.0004f*
Linear 13.97 3.86 0.0003**
Quadratic -3.50 1.29 0.0066**
Cubic 0.28 0.13 0.0583*
Care hours 0.00 0.00 0.6298
Parent living -0.74 0.99 0.4545
Group 3 (89.28%) Intercept 5.05 0.08 0.0000f*
Linear 0.09 0.05 0.0635
Quadratic -0.01 0.00 0.2501
Care hours -0.00 0.00 0.2501
Parent living -0.04 0.05 0.4432
Group 4 (3.22%) Intercept -0.55 0.30 0.0659f
Linear 8.47 1.45 0.0000**
Quadratic -2.61 0.52 0.0000**
Cubic 0.22 0.05 0.0000**
Care hours -0.00 0.00 0.0011**
Parent living -1.42 0.62 0.0217**
Group 5 (1.07%) Intercept 25.65 0.96 0.0000f*
Linear -19.27 0.78 0.0000**
Quadratic 3.87 0.18 0.0000**
Care hours -0.00 0.00 0.0000**
Parent living -6.10 0.34 0.0000**
Sigma 0.86 0.04 0.0000*

BIC =-10885.67 (N = 869)
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